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Introduction

Studies of labour demand patterns for the South African economy have indicated clear
petterns of preference amongst firms. The studies show that the demand for skilled
and highly skilled workers has increased dramaticaly over the last two and a hdf
decades. This has been matched though by an dmost equa decline in the demand for
unskilled workers (Bhorat & Hodge,1999; Bhorat,1999). These studies, and others
amilar to them however, suffer from akey drawback: they fail to account for wages
intheir andyss. While the methodologies used often assumed congtant wages, the
key difficulty in including wages in the discusson was alack of data. Indeed, to date,
no time series of wage data by skill exigts for South Africa. This study suffers from
that same defect. The intention of this Sudy is therefore less ambitious, asistriesto
present some of issues that are relevant when considering the role of wagesin askills-
condrained, yet high skilled labour growth economy. The picture will be satic,
utilisng household survey datafor one year, and concentrates essentidly on the
degree and extent of wage inequdity and the existence of wage premiain the labour
market. The study is an attempt then, to take close off the previous employment work
done on the South African labour market, in the form of analysing wage data.

Wage Differentials: Descriptive Statistics

The data utilised for this section and the rest of the paper is drawn from the October
Household Survey of 1995. While the OHS97 was the latest available survey data set
a the time of writing, the wage data in the questionnaire is sructured in such away
that individuas who do know or refuse to provide their actua wage income are given
the option of coding their earnings according to predefined income bands. The
income bands are in turn classified as weekly, monthly or annua categories. This
option however seemsto have been afatd mistake, as the data that was eventualy
captured and made public by Statistics South Africa (SSA) according to actua
incomes is gpplicable to only a portion of the sample. Clearly, for any analyss of
wages and wage differentids, this datais inadequate. We are forced therefore to
revert to the OHS95, which has actua income figures and noticeably does not have an
income band option in the questionnaire.

The earnings dataare dl in gandard monthly figures. The figures were thus not
adjusted to derive earnings per month controlled for by hours worked. The reasons
for thiswere that firstly, 92% of the employed worked 35 hours or more in the week
preceding the interview?. Hence the overwhelming majority of the sample did in fact
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2 The 35 hour week is used as the cut-off period between full-time and part-time work in the
guestionnaire.
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work full-time. In addition, of those individuals who worked part-time or lessthan 35
hours, the median hours worked was 25 per week. This means that even for those
employed on a part-time basis, the hours worked was quite high. Not surprisingly, the
data showed that it was those in the |abourer categories, who predominated amongst
the part-timers. Y et, even here, the median hours worked was again high, a 21 hours
per week. Therefore, given the overwheming predominance of full-time work

amongst the employed, the decision was to present dl earnings data as monthly,
without recourse to their hourly equivadents.

Using the OHS95 then, the table below presents the first basic cut of wage data
amongs the employed. The employed here refers to those both in the forma and
informal sector, who number gpproximately 10 million individuas®. Table 1 shows
that the median wage for the economy is about R1400 per month. White median
wages are the highest amongst the race groups, while that of male workersis higher
than femdes. Interestingly, the median wage of Africans and Coloureds are
essentidly the same, condtituting under athird of the median White income. While
the wage for Indiansis distinctly above that of Coloureds and Africans, they il
remain only about haf of the White wage.

Table 1: Median Wages by Race and Gender

Category Median |% of White/lFemale
Race
\White 4000 100.0
Asan 2310 57.8
Coloured 1083 27.1
African 1082 27.1
Gender
Mde 1555 100.0
Femde 1200 77.2
Total 1400 35.0/ 90.0

This racid-wage cleavage is not evident when looking at the data by gender. Here,
while the mae wage is higher, female wages are, at the median, over three-quarters
the value of the male wage. Thisresult is picking up the large number of Asan and
White femaes whose wages are in fact higher than many African and Coloured
males. Indeed, the data shows that the median wage for White femaes is R2600 and
for Adan femaes, R1600 per month — both of which are higher than the respective
medians for African and Coloured males. This basic wage differentid data suggests
that while the race-wage gap is dill very strong, the gender-wage difference is not as
gark. Intermsof awage-driven modd of segmentation, there is a decidedly
contrasting labour market operating for Africans and Coloureds on the one hand, and
Asans and Whites on the other. The gender differentiation though, appearsto be less
marked.

The table below extends the wage discussion, by examining median wages according
to education cohorts. The wage structure is of course monotonically linked to the
different education levels, with higher education levels associated with increased

3 Note that this number utilises the weights within the OHS95 data set. Using the Census 96 weights,
the employed number approximately 9.4 million. Ineither case though, the wage datawill not be
altered.



Wage Premia and Wage Differentials in the South African Labour Market, Haroon Bhorat

median wages. Thisis of course aresult borne out in most earnings function andyses
(see Bhorat & Leibbrandt,1999b and Schultz & Mwabu,1996). It isimportant to note
that even though individuals with atertiary degree earn the mog, their median wageis
gtill below that paid to White workers. This would suggest that race, together with
education is fill an important predictor of earningsin South Africa. Again though,

the labour market in wage termsis segmented quite clearly by education levels.
individuas with ametric or degree earn sgnificantly more a the median, than those
with aStd. 9 qudification or less.

Table 2: Median Wages by Education Levels

Education levels Median| % of Tertiary
Tertiary 3500 100
Matric 2420 69.14
Std. 6-9 1248 35.66
Sub. A-Std. 5 631 18.03

No education 501 14.31

While the matric median wage is close to 70% of the median degree wage, for those
with less than amatric their median income fals by 35 percentage points relive to
the highest earner. What is evident is adifferent |abour price attached to those with
incomplete secondary education compared to those workers with primary schooling.
While incomplete secondary education would yield a median wage return that is 36%
of the highest median, this differentid increases dramaticaly when individuds have
primary schooling or less. In addition, thereis no sgnificant difference in the median
wage for these latter two education categories. We are left then with three distinct
wage segmentsin the labour market: one for those workers with amatric or more,
those individuas who have some secondary education and findly individuas who
have primary schooling or no education.

Labour demand trends for the period 1970-95 indicate very smilar patterns to these
wage differentids. Hence the demand trends reved declining demand for workers
with primary schooling or no education, and an increase in the demand for those with
a Standard 6 education or more. The largest increases in demand were reserved for
those with amatric or tertiary education. It is clear therefore that these wage
differentids reflect these employment trends. Specifically, the increased demand for
those at the top end has resulted in awidening differentia between high-educeation
(matric or more) and low-education (primary schooling or less) workers.

Location effects are also important descriptors of wages. Whilst the datais not
presented here, urban median wages are of course the highest, followed by peri-urban
and then rura wages. The median rurd wage is R667 per month, which is
gpproximately 37% of the urban median income. This makesit plain that rurd labour
markets offer decidedly lower returns than those in urban aress.

The table below presents median wages by nine main sectors, as defined by the SIC

system. While the Utilities sector (Electricity, Gas & Water) pays the highest median
wage, Financid and Business services, together with Community and Socia Services,
are essentidly at the same median. The lowest paying sector, by quite alarge margin,
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isAgriculture. Thisisfollowed by the Construction sector and then Wholesde &
Retal Trade.

Table 3: Median Wages by Sector

Sector Median | % of Utilities
Agriculture 436 17.36
Mining 1500 59.71
Manufacturing 1500 590.71
Utilities 2512 100
Construction 1212 48.25
Wholesale & Retail Trade 1346 53.58
Transport 2177 86.66
Financial & Buss. Services | 2500 99.52
Community services 2500 99.52

Noticeably, it isthe three key service sectorsthat yield the highest median wages.
The discrepancy between the two primary sectorsis partly, though not solely, a
function of different union dengty figuresin the two sectors, with the mining industry
being highly organised. An interesting switch occursin the primary sectors when
looking at the wage data: while these two sectors are rdatively low-paying, White
workers in these sectors have the highest median wage across al sectorsfor dl race
groups. The race figures dso show that across al sectors the median wages of
Africans and Coloureds are very amilar, while the sector differentid for Asans and
Whitesisamdler. The Community Services sector reflects public sector employees
primarily, and this result reinforces the notion of the sector being the largest
employer, aswell asardatively high-wage employer.

No descriptive wage statistics would be complete by not examining median wage data
by occupations. Occupations here are classified according to the International
Standard Occupationd Classfication (1ISOC) system. The usefulness of the OHS95
data set isthat we are able to divide the labourer categoriesinto greater detail, hence
the existence of ax different unskilled categoriesin the data. The table o presents
the wage data by race, asthis dicits some interesting comparisons across occupations.
Note that domestic helpers, in the language of the survey, refer to domestic helpers
and cleaners, helpers and cleanersin offices, hotels and other establishments and hand
launderers and pressers. In other words, Domestic Hel pers do not encapsulate
domestic workers in private households, as these individuals are coded separately.

Looking at the tota column, the wage structure isfairly predictable, with the highest
median earners being Managers, followed by Professonas and then skilled
agriculturd workers. The lowest earners are domestic workers, followed by farm
workers and then labourers in the Mining industry. Note though that the median wage
of unskilled workersin the mining industry is il over twice as much as that earned

by farm |labourers as well as domestic workers. Thisyields the well known fact that
the two mogt indigent workers in the labour market are domestic workers and farm
labourers (Bhorat & Leibbrandt,1999a; Bhorat,1999).
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Table 4: Median Wages by Occupation and Race

African | Coloured | Asian | White % of African as %
Managers of White

Occupation Total (Total)

Managers 1887 2650 N/O 4500 5400 100 41.9
Professionals 2646 3000 5000 7500 4670 86.48 35.3
SKkilled agriculture 3379 4000 5433 6588 3724 68.96 51.3
Technicians 2646 3085 3500 4670 3180 58.89 56.7
Armed for ces 1600 1500 2000 2500 2177 40.31 64.0
Clerks 1249 1200 1600 2500 2000 37.04 50.0
Craft 755 1100 3333 6612 1625 30.09 11.4
Services and sales 1200 1346 2000 4500 1438 26.63 26.7
Machine oper ators 1280 1200 1500 3283 1323 24.5 39
Trprt. Labourer 1140 950 900 4667 1115 20.65 24.4
Manuf labour er 1000 900 1325 2000 1000 18.51 50
Domestic helpers 975 800 1250 1100 950 17.59 88.6
Mining labour er 900 800 1520 2600 900 16.67 34.6
Agric. Labourer 400 464 257 1346 420 7.78 29.7
Domestic wor ker 380 360 750 750 380 7.03 50.7
Unspecified 1150 1900 1500 4057 1399 25.91 28.3

The race datafor the individua occupations do though reved some interesting trends.
Taking the unskilled categories firgt, there is a strong differentiation in wages by
occupation. For example, even though both African and White individuds may be
coded as Manufacturing labourers, the median wage of the former isonly haf that of
the latter. In fact, for dl the labourer categories, it is clear that African workers are
pad sgnificantly less than their White counterparts. While this may be raised as
serious evidence of continued discrimination in the labour market, closer ingpection of
the data reved s that for dl these unskilled categories, White workers condtitute less
than 2% of the employment shares. We are in essence then, talking of avery small
share of workers, and it is likely that the discrepancy in wages will be afunction of
continued discrimination, differing levels of experience, higher number of schooling
years and so on. Ultimately though, the gpparent stark contrast in median wages at
the bottom-end can be ignored, given the inggnificant number of white employees
being considered.

For the semi-skilled and skilled occupations, the median wage differentia between
Africans and Whitesremains. In this case, the share of African employeesis
sgnificant, ranging from 35% of the share of professondsto being 76% of the share
of machine operatorsin the economy. Hence, the differentid that perdgsts within
these semi-skilled and skilled occupations does not pertain to an indgnificant share of
African workers. The datathen ddivers an intriguing puzzZle. Why isit that while
formally coded together as skilled or semi-skilled, African workers earn consstently
less than their White counterparts? For example, an African professond will earn a
median monthly wage of R2646, while a White professona will earn over twice as
much a R7500 per month. We know from work done on earnings functions that
‘observable’ variables such as education, experience and location may account for
these differences within the occupations (Bhorat & Leibbrandt,1999b). Descriptive
datistics however, cannot be used to effectively account for the contribution of each
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of these variables in explaining the differentials by occupations. We therefore utilise
regresson anaysis, as contained in the earnings function literature, to explain the
precise causes of the wage differentias by occupations.

Modelling Occupation-Level Wage Differences by Race

The approach taken here isto determine in a multivariate framework, what factors
may help explain the differing wages of African and White employees within the

same occupations. While we know of course that factors such as education and
experience are important determinants, the optima way of measuring the rdeive
smultaneous strengths and contributions of these variables, is to estimate different
earnings functions. We estimate two earnings functions for each race group. The first
isaskilled worker earnings equation for Africans and Whites, and the second a semi-
skilled equation for the same two race groups. Skilled workers here, based on Table
4, refers to workers categorised as managers, professonds and technicians. Semi-
skilled workers covers clerks, service & sale workers, machine operators and craft
workers. Intota then, four regressons are run, two within each skills band.

Following the standard methodology, we estimate the ‘ observable’ determinants of
log wages, by induding the following variables

Gender (where femde is the referent varigble)

Location (where urban isthe referent variable)

Province (where the Western Cape is the referent province)
Sector (where Agriculture is the referent sector)

Education

Union Status (where being a union member isthe referent)
Experience

Hours worked

The education variable is divided into three categories, namely those with Std. 5 or
less, those with some secondary schooling (including amatric) and findly individuas
with tertiary education. Given that we convert these education categoriesinto splines,
there is no need for areferent education level. Experienceis caculated as the age of
the individua minus the number of years of educeation, less6. It assumesthat a
worker begins working immediately after completing her education, and that the age
of school completion will be schooling years plus 6. In essenceit isaproxy for
experience, rather than reflecting actua years of experience, given that data on actua
experienceis very hard to collect, and dmost dways absent in household survey
questionnaires. The hours of work variable isimportant asit acts as an additiond
controller for usng monthly earnings rather than hourly equivadents. In this respect
the variable will represent the impact of an additional hour worked on wages earned.

The table below presents the results from the earnings equation estimation on skilled
workers. The Heckman selection bias correction was not utilised here or in the semi-
skilled regressons, given that the probakility of sample bias for very specific
segments of labour market individuds as these, was unlikely to induce selection bias.
Indeed, regressions run for each of the occupations individudly by race, using the
Heckman correction technique, yieded an inggnificant lambda term throughout,
suggesting that no selection bias was present. Standard OL S regressons were
therefore run for the four sub-samples above.
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Table 5: Earnings Function Results for Skilled Workers

Variable African White
Female -0.151* -0.491*
Ur ban 0.055 0.050
None-Std5 0.037** 0.010
Std 6-10 0.122* -0.004
Tertiary 0.159* 0.256*
E.Cape -0.040 -0.084
N.Cape -0.359 -0.150
Free Stat -0.238** -0.126
Kwaz/Natl -0.099 0.080
North-W 0.026 0.081
Gauteng 0.130 0.200*
Mpumal -0.104 -0.138
N.Prov 0.181 0.015
Mining -0.176 0.225
Manuf -0.061 0.436*
Electricity 0.163* 0.348*
Constr -0.052 0.204
Wholes -0.044 0.288*
Transport 0.219* 0.374*
Finance 0.331* 0.232*
Comm Serv 0.101 0.343*
Union member 0.036 -0.086**
Experience 0.035* 0.076*
Experience -0.001* -0.001*
Log of Hours p.m. 0.286* 0.494*
Congant 5.086* 4777
No of Observations 2663 2536
F Statigtic 29.72 58.23

*. Significant at the 1% Leve.
**: Sgnificant a the 5% Levd.

Examining the skilled occupation results, it is clear that the important variables are
educetion, experience and hours of work. The education splines for skilled Africans
are dl dgnificant, with the latter two splines Sgnificant at the 1% leve. 1n addition,
higher levels of education are associated with higher internd rates of return. Hencea
skilled African worker with atertiary education will earn 16% more from an
additiond year of education, compared to areturn of 4% for those with primary
education or less. The difference with White skilled workersisimmediately evident
though, given that it is only the tertiary education spline here that is Sgnificant (at the
1% leve). In other words, for White skilled workers, the rate of return to education is
only affected, once they attain tertiary levels of education. The rate of return to
tertiary education is 26%.

In the firgt ingtance then , the significance of the two sets of coefficients make it clear
that the educationa didtributions of African and White skilled workers are different.
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White skilled workers appear to be concentrated at the top-end of the education
gpectrum, while African skilled workers are distributed more evenly across the
education levels. Descriptive Statistics suggest that while 36% of al white skilled
workers have at least a matric, the figure for skilled Africansis 21%. The figuresfor
incomplete secondary education are 14% for Africans and 8% for White workers. It
is possible that theinclusion of informal sector operators as managers biased the
education levels of Africans downwards, dthough their sample szeis smdl enough
to make little substantive difference to the find results. These results suggest thet the
first key reason for the wage differentiation between African and White skilled
workers, is the higher absolute levels of education amongst White skilled workers,
compared to skilled African employees.

A second important deduction from the results, is that the rates of return on the
tertiary educetion variable are higher for Whites than Africans. Hence, while Whites
can expect a 26% return on each additiona year of tertiary education, for Africansthe
figureisonly 16%. Thisissurprisng given that previous regression results have

noted a higher return for Africansingtead (Schultz & Mwabu,1998). This higher
return for Africansis argued as being due to the lower supply of African high-
education workers, resulting in awage premium on these rationed workers (Schultz &
Mwabu,1998). However, these results did not divide the workforce into skills
categories, and furthermore did not include any sector or provincid dummies. These
two factors may explain, in terms of mode specification, the different results

obtained. How though, do we explain the higher return on education for skilled White
employees in the particular specification used here?

It is possible that there is a qudity differentid that is actud and aso perceived by
prospective employers. Hence, the quality of atertiary degree obtained by African
workers may be lower than that obtained by White graduates. The differentid in
quality would be afunction primarily of the contrasting resource alocation between
higtoricaly white universities (HWUs) on the one hand and historicaly black
univergties (HBUs) on the other. With the latter attracting a disproportionate share of
the state’ s annud dlocation, the quality of the degrees produced would be higher.
These qudity differencesin turn, trandates into a higher return for White workers
who are the mgjority of students at HWUs. The differentia may be reinforced e the
point of job entry, where employers perceive aHWU degree to be of higher quality
than aHBU degree, so perpetuating the skilled wage gap through providing higher
returns to White employees.

A further reasoning for the different rates of return, revolves around the notion that
the tertiary degree is a heterogenous product. 1n other words, not al human capita
accumulation at the tertiary level will result in the same labour demand responses
from firms. Smply put, labour demand trends may indicate a demand for say
computer-related or engineering-related degrees above dl others. Thereisa
probability that African skilled employees are disproportionately accumulating human
capital in areas where labour demand islower. Such human capitd will therefore be
rewarded at different rates — as based on firms' labour demand specifications. The
table below presents important evidencein this regard. Using the skilled occupations,
and breaking them down beyond the categories provided in Table 4 above, the table
below illudtrates thet there has clearly been contrasting patterns of human capital
accumulation amongst skilled African and White workers.
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Table 6: African and White Skilled Employment: Selected Occupations

African % of Total White % of Total
Skilled Share Skilled Share

Primary 17.55 General 16.53
education Managers
teaching
professionals
Other teaching 14.37 Finance & Sales 10.23
associates Associate

Professionals
Nursing & 10.09 Physical & 8.95
midwifery engineering

science

technicians
Total 100.00 Total 100.00

The table presents the three largest skilled occupation shares for Africans and Whites.
It iscdear that African employees are represented primarily in teaching and nursing
occupations. In contrast, white employees are represented in managerid, service
professional and scientific professiona occupations®. Labour demand trends indicate
that there has been a sgnificant rise in the contribution of the service sectors to
nationa GDP (Bhorat & Hodge,1999). It isin these sectors primarily, that the three
largest white skilled occupations will be located. In contrast, while thereis no doubt a
need for skilled individuals in the education and hedlth industries, the labour demand
trends do not suggest alarger relative increase in the need for these labour types.

The above has made it clear that the educationd coefficients for African and White
skilled workers underpin some important labour market information. These are
firdly, that skilled African workers are on average less educated than skilled White
workers. Secondly, that the higher returns to tertiary education are aresult of a
perceived and actud qudity differentia in African and White educationd
gudifications. Findly, more detailed divisions of the skilled band indicates that
White workers are found predominantly in occupations which yield much higher
wages (and therefore higher rates of return on education), given that these kil types
arein high rdaive demand in the labour market.

The sector dummies support the above education coefficient results. For African
skilled workers, it isonly individuals in the Transport and Finance sectors, who are
likely to earn more than those in Agriculture. Hence, being in the other sectors for
skilled Africans, isnot in and of itslf asgnificant contributor to earnings. For

skilled White workers on the other hand, every sector dummy, barring that of
Utilities, isggnificant. This suggests that skilled White workers are well distributed
across dl non-agriculturd sectorsin the economy, and at high enough wage levels, to
ensure that their earnings will be increased by being present in that sector.

The experience coefficients are Sgnificant at the 1% leve for both race groups. This
suggests that for each additiond year of experience, both skilled groups will see their
earningsrise. However, the return on an additional year of experienceis greater for

* The managerial staff refersto general managersin all nine main sectors of the economy. The Finance
and Sales Associate Professionalsrefersto individuals such as securities and finance dealers and
brokers; insurance representatives; estate agents and so on.
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White workers than African workers. For each additiond year of experience, skilled
White workers wages will increase by about 7.5%, while the figure for Africansis
only 3.5%. Given that al we haveisa proxy for experience and not actua
experience, this would suggest that White workers are on average older than African
workers, and hence one would expect the higher unit returns on experience. While
not representing overwheming evidence, the descriptive data does bear this out: while
48% of skilled Africans are 35 or less, the figure for Whitesis 40%. Thelog of hours
worked coefficient is dso sgnificant at the 1% levd for both race groups. Again
though, the wage return to working an additiona hour isfar grester for Whites
(49.4%) than Africans (28.6%0), with the return to the former being dmost twice as
large. Thismay reflect on the different skilled occupations Africans and Whites are
found in, with the hourly returns to Whites being greater given the more lucrative
occupations they are found in. Hence, an additiona hour of work for anurseislikely
to yidd afar lower return than an additiond hour of work for an engineering
technician.

A find interesting result from the skilled regresson is the gender dummy. For both
race groups, being afemae skilled worker reduces the wage earned. However, it is
interesting that while being an African femae, reduces earnings by about 15.1%, the
figure for Whites over threetimes aslarge — a 49%. At the margin then, the lower
return for White skilled femaesin fact servesto reduce the overdl differentiad
between African and White skilled workers.

When examining the regressions results for semi-skilled workers, it is clear that the
same variables are important determinants of the differentid wages paid to each of the
race groups. In the equations below, the occupation ‘ skilled agricultural worker’ was
excluded, given that its categorisation is an odd one, and difficult to define and attach
to specific work activities. A detailed look at the category shows for example, that
hunters and trappers are combined with dairy and livestock producers.

10
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Table 5: Earnings Function Results for Semi-Skilled Workers

Variable African White
Female -0.309* -0.373*
Urban 0.128* 0.002
None-Std5 0.039* -0.074
Std 6-10 0.128* 0.137*
Tertiary 0.017 -0.031
E.Cape -0.011 -0.064
N.Cape -0.074 -0.138
Free Stat -0.165* 0.010
Kwaz/Natl 0.128* 0.050
North-W 0.144* 0.037
Gauteng 0.205* 0.163*
Mpumal 0.139* 0.089
N.Prov 0.205* -0.004
Mining -0.835* -0.047
Manuf -0.129* 0.249*
Electricity -0.168* 0.091*
Constr 0.166* 0.106
Wholes -0.261* 0.144*
Transport -0.252* -0.125*
Finance 0.070** 0.088**
Comm Serv -0.063 -0.033
Union member 0.180* 0.147*
Experience 0.034* 0.056*
Experience -0.000* -0.001*
Log of Hours p.m. 0.042** 0.516*
Congtant 5.896* 4.629*
No of Observations 7396 3179
F Statistic 157.59 72.74

*: Sgnificant a the 1% Levd.
**. Sgnificant at the 5% Levd.

The results show, in the first instance, that the urban variable is Significant at the 1%
leve for semi-skilled African workers, but not for Whites. In other words, being in an
urban areawill cause the earnings of African semi-skilled employeesto rise (by about
12.8%), while for Whitesthe location variable isinggnificant. This may partly

explain some of the differential between these groups: that with Whites being
predominantly in urban areas, the wages they earn are on average likely to be higher
than those of African workers. The data reved's that amongst the semi-killed, while
63% of Africans arein urban areas, 93% of Whites work in urban labour markets.

The education variables are different from the skilled earnings equations, in that the
tertiary splineisinggnificant. Given that we are examining semi-skilled workers,

with lower mean levels of education, thisis not a surprising result. Again though, it is
clear that the mean education levels of African workersis lower than their White
counterparts, given that the primary schooling variable is sgnificant for Africans, but
not for Whites. Indeed, the data shows that while 23% of semi-skilled Africans have

11
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only primary schooling, less than 1% of Whites arein this category. Thelower mean
education levels of African semi-skilled workersis a key reason then, for the
differentia semi-skilled median wages reported in Table 4 above.

In terms of secondary education, both coefficients are sgnificant, with African
workers reporting a dightly lower rate of returr?. Hence for each added year of
secondary education, African semi-skilled wages increase by 12.8%, while for
Whites, thefigureis 13.7%. Differentia rates of return on education are therefore an
important reason again for the higher median wages of White semi-skilled workers,
athough the differentia is not as great as the killed coefficients. The decriptive
gatidicsindicate that of semi-skilled Africans, 21.2% have amatric, while 54% of
White semi-skilled workers have this qudification. In other words, the rdatively
higher qudifications amongst secondary school Whites, accounts for the education
variabl€ s contribution to the overdl differentid. In other words, firms are Smply
providing a higher return, because on average the completion rates for secondary
schooling is higher amongst semi-skilled Whites. In addition though, the quality of
schooling does dso play arolein explaining the different returns. Aswith the
discussion for skilled workers, it is aso true that there may be actual and percelved
quality differences that contribute to the higher White rates of return.

The union variable is Sgnificant a the 1% leve for both races. The union-wage

effect shows alarger increase for unionised Africans than Whites, with the former’s
wages increasing by 18%, and those of Whites by about 15%. While being aunion
member does impact on race-based earnings, it in fact assstsin margindly reducing
the wage gap between the races. The experience coefficient also shows different rates
of return. For African semi-skilled workers, every year of experience provides a 3.4%
return, while for Whitesit is 5.6%. Again, however, the differences are not dramatic.
The hours of work coefficients, however are very different. For each additiona hour
an African semi-skilled individua works, their earnings increase by about 4%, while
for Whites, the figureis 52%. Thisis an extremely large differentia, and onethat is,

a firgt glance, difficult to explain. The mgor employment distributions within the
semi-skilled band may though provide possible clues. The employment distributions
indicate that the largest share of White workers are secretaria staff and keyboard
operators. It ispossiblethat this cohort of workers work more on an hourly rate basis,
s0 hiking the returns to hours worked. Hence, the predominance of part-time work
amongd this group may be dominating the log of hours coefficient, so explaining the
large discrepancy”.

Findly, as with the skilled regressons, the gender dummy is Sgnificant and negetive
at the 1% leve for both races. Again though, the wage reduction for being femaeis
larger for Whites than Africans. White semi-skilled individuas will see their wages
drop by 37% if they are femde, while for Africans, thefigureis 31%. Hence, the
lower return for African females serves to reduce the overal wage differentia
between the two race groups in the semi-skilled cohort.

® |t isimportant to note that for Africansthereisan increase in the returns to education when moving
from primary to secondary schooling, to the value of about 9 percentage points.

® Interestingly, the employment distributions for African and White semi -skilled workers are very
similar, with the two of the three largest occupations being the same, namely protective service workers
and shop salespersons & demonstrators.
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Ultimately, the wage differentials for semi-skilled workers would seem to be a
function of both differentid rates of return to education and lower absolute levels of
human capital anongst African workers. In addition, the larger share of African
workersin rura aress, also serves to decrease the median semi-skilled wage. The
union variable contributes to narrowing the semi-skilled wage gap, while the
experience variable isimportant, yet not highly sgnificant, in widening the

differentid. In contrast thelog of hours worked is key in explaining the wage gap
between the semi-skilled cohorts’. The gender and union variables however, combine
to reduce the wage gap between the two race groups, athough of course the reduction
isultimatey margind.

The above hastried to interrogate the possible causes of wage differentids between
Africans and Whites within, what are ostensibly the same skill bands and categories.
The results show that for both skilled and semi-skilled categories, education isthe key
explanatory varidble for the wage differentid — ether in the form of internd rates of
return or absolute levels of human capitd. In addition, both the levels of experience
of White workers and the hourly return rates, contribute to the overal White-African
differentid. Although lessrobugt, results show that the gender dummy and the union
datus variable, in certain cases, do contribute to reducing the overdl wage gap
between the races.

Wage Distribution Patterns

While the aboveis very useful as adiscusson of median wages and wage
differentids, we still exclude a picture of the entire wage distribution. The purpose
then of this section, isto try and disentangle the wage digtribution, at the percentile
level, to try and gain a more naunced picture of wage premia and wage differentiasin
the South African labour market.

Table 6 below calculates a set of log wage percentile differentias by race group.
Looking across the race groups, and the tota column, clearly the largest wage gap is
for the 90-10 differentid, as it represents workers at the top-end and bottom-end of
the labour market. There are however interesting aspects relating to the other
percentiles, specificaly the 90-50 and 50-10 differentids. The former would
represent those workers at the top-end of the distribution relative to those at the
median of the distribution, while the latter compares the median to the bottom-end
wage earner. For al race groups, and for the aggregate figures, it is evident that the
90-50 differentid islarger than the 50-10 differentid. For example, for Africansthe
90-50 figure is 3.29 and the 50-10, 2.90. The figures for Whites are 3.84 and 3.42
respectively. In other words, there is greater wage inequdity in the top-haf rdaive
to the bottom half of the wage digtribution. This may indicate the existence of awage
premium for those workers in the 90" percentile, given their scarce supply — a
premium that is not operative to the same degree for those at the median, when
compared with the 10" percentile earners. Put differently, the scarce supply of highly
skilled workers leads to a Sgnificant wage premium on their [abour, so resultingin a

" Asisno doubt apparent, the sector dummies are negative in many cases. With Agriculture asthe
referent sector, thisis of course very puzzling particularly in the case of Africans, where most of the
coefficients are negative. The only plausible explanation is that outliers in the sample are coded as
being in Agriculture, and are earning very high wages.
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grester degree of inequdlity in the top-half of the wage distributiorf. Note that these
contragting differentials dso extend to the figures for the 75-50 and 50-25 percentiles,
where the former outweighs the latter across dl race groups.

Table 6: Inequality Measures for Log Wages, by Race

Percentile
Differentials| Africans |Coloureds| Asian | White Total
90 - 10 3.44 3.44 3.78 3.98 3.67
75-25 3.13 3.10 3.44 3.61 3.34
90 - 50 3.29 3.30 3.66 3.84 3.56
50 - 10 2.90 2.87 3.16 3.42 3.02
75-50 2.88 2.86 3.24 3.38 3.16
50 - 25 2.77 2.74 3.00 3.23 2.87
Std. Dev. 3583.404| 2691.033 | 7215.95| 18641.71|9678.106
Gini 0.51 0.50 0.55 0.56 0.62

The comparisons of percentiles across race groups, also yields very interesting results.
Across al the percentiles, it is clear that the degree of inequality is greatest amongst
White workers, followed by Asan workers. The inequality ranking amongst African
and Coloured earners varies across the percentiles, but in essence remains smaller
than those of Asans and Whites. In terms of wage inequdity levels then, there would
appear to be greater wage compression amongst Coloured and African workers than
Asians and Whites employees. Previous work has aluded to the existence of a
segmented labour market, where the characteristics of Coloureds and Africans, were
argued to be digtinct from those of Asians and Whites (Bhorat & Leibbrandt,1999).
This data adds a further supply characteristic that corroborates this evidence. For
good measure, the Gini coefficients for the race groups have been caculated. This
more concise measure, illustrates the higher levels of wage inequality amongst Asan
and White earners, and how they are digtinct from the lower Gini measures for
Africans and Coloureds. These results suggest that the comparative evidence on
increasing and large inequality amongst African households, in fact picks up the
sgnificant number of African unemployed in these dwellings. When concentrating

on the employed only, these results suggest that there is a more equitable distribution
of earnings amongst the African workforce relative to other race groups in the labour
market.

The table below disaggregates the percentile measures by gender. Once again of
course, the largest differentid is by the 90-10 differentid. In addition, the 90-50
differentid for both males and femdesislarger than the 50- 10 differentid.
Interestingly though, the degree of difference is grester for males than females. This
would suggest that the premium for male wage earners a the top-end islarger than
that for femae employees. All the same, greater wage compression occursin the
bottom haf of the distribution. Combining the race and gender results of Tables 6
and 7 then, thereis evidence that overdl inequdity in the wage didribution is driven
more by the differences between the 90™" percentile and median worker than between
those in the bottom-hdf of the digribution. Put differently, it is scarcity of high
skilled workers, resulting in asignificant premia of their wages that explainsa

8 Evidence for the US labour market for example, show that the 90-50 differential is 0.66, while the 50-
10is0.80 for 1988, indicating areversal of the comparison here (Juhn, Murphy, Pierce, 1993).
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disproportionate share of aggregate wage inequdity in the South African [abour

market.

Table 7: Inequality Measures for Log Wages, by Gender

Per centile
Differentials| Femde| Made
90 - 10 3.55 3.78
75 - 25 3.27 341
90 - 50 341 3.69
50 - 10 2.98 3.05
75 - 50 3.06 3.26
50 - 25 2.85 2.88
Std. Dev.  |3220.93|12011.69
Gini 0.53 0.64

The differences across genders indicates that there is greater inequaity amongst maes
than femalesfor al percentiles. The fact that the largest differentid occursin the 90-
10 and 90-50 percentiles, suggests that it is the high earners amongst males a the top-

end of the didribution who are driving this overdl gender inequdlty.

Table 8 below attempts to determine the combined contribution of race and gender to
the inequality observed separately above. The table makesit plain the highest degree
of inequality amongst the employed, emanates from Asian and White workers of both
genders. Thefigures show that the highest level of wage inequdity are for White
male workers in the 90-10 and 90-50 percentiles, followed by ASan maesin the
same percentiles. The next highest level of inequdity is found amongst Adan and
White femdesin the 90- 10 differentias.

Table 8: Inequality Measures for Log Wages, by Race & Gender

Percentile Africans Coloureds Asian White
Differentials|Female |Male Female [Male Female [Male Female Male
90-10 341 3.46 3.38 3.49 3.61 3.87 3.64 4.05
75-25 3.10 3.15 3.03 3.15 3.28 3.50 3.37 3.66
90-50 3.29 3.31 3.24 3.37 3.49 3.76 3.46 3.93
50-10 2.81 2.93 2.82 2.88 3.00 3.22 3.17 3.46
75-50 2.91 2.90 3.03 2.94 3.15 331 3.37 3.49
50-25 2.64 2.78 2.70 2.73 2.70 3.06 2.97 3.53
Std. Dev. 1760.74| 4315.17 | 1087.46 | 3386.35 | 3128.84 | 8387.77 | 5553.62|23263.51
Gni 0.52 0.51 0.46 0.51 0.45 0.56 0.44 0.54

Ultimatdly, the table suggests that in terms of the race and gender contributions to
overd| wage inequdity, the highest level of within-group differencesis found firgtly
amongs White maes, then Asan mdes, followed by White and Asan femdes. In
other words, the pure race differentials are reinforced and strengthened when cutting
the percentiles by gender aswell. In contrast, note that a the 90-10, 90-50 and 50-10
differentids, the lowest levds of inequality are found amongst African and Coloured
femdes. The Gini reflects thisin aggregate, athough note thet the Gini for African
femdesisin fact margindly higher than thet for African maes— afact thet is not

easy to explain. Combining the race and gender covariates then, the highest levels of
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wage inequality are observed amongst White and Asan maes, and the lowest
amongst African and Coloured females.

A more concrete way of ng mae-femae differentiasis of courseto look at the
wage gap between the genders, at the same percentile levels. In other words,
examining the 90-90, 50-50 and 10-10 differentids for maes versus femaes will
provide detail on the extent of gender wage differences. While the datais not
presented here, the evidence shows two very clear trends. Firdtly that at every
percentile leve, the mae wage outdtrips the female with the inequaity messures
ranging from 2.21 to 3.44. The second important result, and one which holds true
even when holding race congtant, is that at higher percentile levels, the degree of
inequality between males and femdesis greater. In other words, inequdity levels
increase as we move up the wage distribution. The appendix below provides a
gragphica description of this growing differentid at higher levelsin the wage
digribution.

Wage inequality can aso be cut by location. While the figures and table are not
shown here, the data reveds again that the upper-end wage inequdity is greater than
the bottom-end, for both rural and urban [abour markets. However, in terms of
comparing wage inequality across the regions, there is strong evidence for greater
wage compression in rurd, relative to urban labour markets.

Table 9 below provides the percentile differentids by education splines. Looking at
the 90-10 differences, it is evident thet the highest level of wage inequdlity is found
amongs the employed with tertiary education, and amatric. Again, aswith the
regresson results above, this points to the fact that both these educeation levels are not
homogenous. Hence, while individuas may formaly have degrees, the type of
degreeit is, the indtitution from which the degree was obtained, and discrimination
from employers, dl serve to segment the returnsto this same leve of education.
Furthermore, relative to other levels of education then, the degree of heterogeneity in
these two education splines, outweighs that found in the other schooling categories.

Table 9: Inequality Measures for Log Wages, by Education

Education 90--10 | 75--50 | 50--10 | 90--50 | 50--25 | 75--25 | Gini
No education 3.15 2.70 251 3.04 2.30 2.85 0.55
SUbA-Std 5 3.18 2.72 2.63 3.04 2.42 2.90 0.47
Sd6-SXd 9 351 2.88 291 3.39 2.70 3.10 0.53
Matric 3.76 3.21 3.20 3.62 2.98 3.41 0.53
Tertiary 3.95 3.36 3.32 3.84 3.32 3.54 0.54

Note that although the 90- 10 measures of inequdity reflect much higher levels of
inequality at the top-end of the education spectrum, the Gini measures show
margindly higher leves of inequaity amongst those with no schooling. At every
percentile differentid though, the leve of inequality amongst matriculants and
degreed persons, is consigtently higher than for those in other education cohorts. As
with the above tables, there isa greater degree of inequality amongst those in the
upper-hdf of the digtribution, relative to those in the 50- 10 didtribution.

An interegting addition to this differentid andysis, isto examine the degree and
extent of inequality at the sectord level. We present three sets of tablesin this regard:
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thefirg deds with differentids at the main sector levd, the second looks at a set of

manufacturing sub-sectors and the find table at 8 sub-sectors within the financid
servicesindudtry. These two sub-sectors were chosen given that the former

contributes the largest percentage share to national GDP, while the latter is of course

the fastest growing industry in the domestic economy.

Table 10 below provides the wage differentids at the main sector level. The 90-10

differentidsindicate that the highest levels of wage inequdity are found in the
Fnancia services sector (3.92), followed by Electricity (3.79) and Construction

(3.79). Thelowest leves of inequality, as measured by the 90-10 differentid arein

Manufacturing, Community Services and Agriculture, with the latter yidding the

lowest 90-10 differentid. Note however, that when using the Gini which weightsthe

entire distribution of earnings, Agricultureisthe most unequa sector (0.79), and

Electricity the least unequd (0.41). This suggeststhat in the overdl Gini measure for

the employed, the largest sectoral-levd inequdity emanates from Agriculture.

Table 10: Inequality Measures for Log Wages, by Main Sector

Sector 90--10 | 75--50 | 50--10 | 90--50 | 50--25 | 75--25 Gini
Agriculture 3.04 2.42 2.37 1.60 2.13 2.60 0.79
Mining 3.70 3.15 2.87 3.63 2.70 3.28 0.47
Manufacturing 3.69 3.15 2.95 3.60 2.70 3.28 0.56
Electricity 3.79 3.33 3.21 3.66 3.05 351 0.41
Congtruction 3.79 3.20 2.88 3.73 2.61 3.30 0.63
Wholesale 3.70 3.10 2.96 3.61 2.74 3.26 0.67
Trangport 3.71 3.26 3.11 3.58 2.93 3.43 0.50
Financial 3.92 3.34 3.18 3.84 2.95 3.49 0.54
Services

Community 3.64 3.15 311 3.49 2.99 3.38 0.51
services

The datareveasthat for dl, bar one, of the main sectors, the 90-50 differentid is
greater than the 50- 10 differences. In other words, the wage premium for highly
skilled workersis operdive in eight of the nine main sectors of the economy. The
exception is Agriculture, where the top-end differentid isless than the bottom- half
differentid. This suggests that the earnings of unskilled workersin Agriculture are
low enough to generate greater levels of inequdity between them and the median
earning workers. Higher unionisation rates, and the fact that urban labour markets
dominate for the other sectors, ensure that the inequdity in the bottom-hdf of the
digtribution is not as large for non-agricultura sectors.

The percentile differentids indicate that sectors with high-skill factor proportions,

such as Financid services and Electricity are rewarding top-end employees far more
than skilled workers in other sectors. This reflects the extreme shortages in the [abour
market for these skill types, which are manifest then in Sgnificant wage premia. In

the same vein, the suite of skilled workers demanded by Agriculture and Community
sarvices, for example, do not represent supply shortages of the same magnitude. In
this case, the wage premia are much lower, and may in fact not be existent.
Ultimately, one of the lessons from this andlyssisthat different sectors demand

skilled workers not only in different quantities, but aso of different characteritics.
This means that sectors will not only reward skilled workers differently, but dso

17




Wage Premia and Wage Differentials in the South African Labour Market, Haroon Bhorat

reward them according to their shortage in the market. Comparing the Financia
sarvices and Community services results, asmple analogy is of a software
programmer in the former sector and anursein the latter. Both are coded as skilled
workers, but the relative shortage of the programmer ensures a much higher return
and ultimately awage premium on her |abour.

It is useful though to move beyond the main sector divisons, and to compare wage
inequality measures across aset of different sub-sectors. The table below cdculates
these measures for 10 manufacturing sub-sectors. The categorisation isforced by the
detall in the survey. Hence the most disaggregated form thet the dataiis collated is
according to these 10 manufacturing sub-sectors. The data and its disaggregation
does however convey farly detailled information about wage inequdity within the
manufacturing industry. Hence the data shows that the highest 90-10 differentials are
intheradio, televison & communication and Chemica & Petroleum indusdiries. Both
these industries are capitd-intensve, meaning that there would a gpecific need to
augment capitd with highly skilled workers. In contradt, it istwo labour-intensve
industries, food, beverages & tobacco and textile, clothing & leather which yield the
lowest 90-10 percentile differences — 3.59 and 3.32 respectively. In these sectors
then, the lower average levels of technology, trandate into alower demand for
gpecific, high-skilled workers.

Table 11: Inequality Measures for Log Wages, by Manufacturing Sub-Sector

Manufacturing 90--10 | 75--50 | 50--10 |90—50{50—25| 75--25| Gini
Food, Beverages & 359 | 301 | 293 | 349 | 272 | 319 | 053
Tobacco

Textile, clothing & 332 | 260 | 283 | 315 | 249 | 285 | 041
leather

Wood, Publishing & 366 | 320 | 297 | 356 | 274 | 3.33 | 0.64
printing

Chemical & Petroleum 382 | 328 | 307 | 373 | 291 | 343 | 052
Glass & non-metallic 366 | 300 | 303 | 354 | 278 | 3.21 | 047
Basic metal & 376 | 330 | 306 | 366 | 288 | 3.44 | 048
Machinery

Electrical machinery & 371 | 325 | 296 | 353 | 266 | 3.35 | 061
apparatus

Radio, television & 397 | 335 | 316 | 390 | 291 | 348 | 0.78
communication

Trangport Equipment 377 | 337 | 311 | 367 | 288 | 349 | 049
Furniture & recycling 361 | 313 | 291 | 351 | 260 | 3.24 | 055

Thistrend is reflected in the 90-50 differentidls — a proxy for the wage premium.
Hence, the differentids here are dso greatest for theradio, televison &

communication and Chemica & Petroleum industries, and lowest for the two labour -

intendveindudries. Differing levels of technology trandae into differing
requirements for high skilled workers. 1t could then be argued that the skilled
workers demanded in the capita-intensve industries are in greater shortage, o raising
the premium on the required labour, and resulting in the largest 90-50 differentids

within the manufacturing industry. If we do not split the sample of earners a points
in the distribution, and take the overal Gini measure, the radio, televison &
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communication sector is gtill the most unequd, with an extremely high Gini of 0.78
and the textile, clothing and leather sectors are the least unequd, with a Gini of 0.41.

In terms of the percentile differentias though, the data suggests that within the
manufacturing industry, wage differentids and wage premia are linked to technology
mixes within each of the sub-sectors. Capital-intensve industries engender ademand
for high-end workers with very specific skills. The shortage that exigts for this labour
in turn resultsin high wage premia, so ensuring that relatively higher levels of wage
inequaity within theseindudtries. In contradt, labour-intensve indudiriesyield a

lower demand for high-end workers, and perhaps even have more of arequirement for
generd kills at thetop-end. The shortages for these worker types are not as
sgnificant, meaning that the wage premia are lower, leading to a more truncated wage
digribution. Ultimately then, technology choices within the sector are inextricably
linked to the wage inequdity outcomes observed in each of these sectora |abour
markets. The data adso suggests that much detail concerning sectord differences and
factor proportions are hidden if we focus solely on aggregate measures of wage

ineudlity.

Themain sector that reflected the highest demand for specific, high-skilled labour in
Table 10 above, wasthe financid services. The table below caculates the percentile
differentids for 8 sub-sectors within the industry. Once again, we are congtrained to
using these 8 sub-sectors by the coding provided in the survey. The data shows that
the 90-10 differentids are greatest for the research & development and computer &
related activitiesindudtries. The lowest level of wage inequdity isfor renting of
machinery & equipment. It ispossible to argue again, that the demand for very
specific, highly specidised skillsin the former indudtries, for which there is a supply
shortage, creates the wage differentias observed. Indeed, these two industries— R &
D and computer activities are no doubt employers of highly skilled and highly
gpeciaised workers, for whom sgnificant premiamust exist.

Table 12: Inequality Measures for Log Wages, by Financial Services Sub-Sector

Financial services 90--10 | 75--50| 50--10 | 90--50 | 50--25 | 75--25 |Gini
Financial intermediation | 3.77 | 3.19 | 3.06 | 350 | 284 | 3.35 | 0.40
Insurance & pension 399 | 343 | 324 | 391 | 300 | 356 | 053
funding

Activitiesauxiliary to 383 | 349 | 334 | 366 | 309 | 364 | 044
intermediation

Real estate 392 | 340 | 318 | 383 | 303 | 355 | 053
Renting of machinery & | 3.72 | 357 | 276 | 367 | 266 | 3.62 | 053
equipment

Computer & related 411 | 353 | 362 | 391 | 350 | 382 | 050
activities

Research & 437 | 395 | 346 | 431 | 329 | 403 | 056
Development

Other businessactivities | 3.92 | 329 | 314 | 384 | 297 | 3.29 | 0.60

In contrast the lower wage inequdity industry, renta of machinery and equipmernt,
would in al likelihood not demand highly specidised skills. The demand for killed

workersis probably lower, and the lack of specidist skills demand trandatesinto a

lower wage premium, and therefore lower percentile differentials. Indeed, the
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comparative data on skills demand for the equipment rentd relativetoR & D is
illuminating. The table below shows for example that while the rentd industry has no
professionds, they dominate the share of employmentin R & D, as about 51% of al
employees here are professionds. In the rentad industry, the largest proportion of
workers are clerks and machine operators, thus representing a dominance of semi-
skilled workers with more generd kills, that are less likely to earn wage premia.

Table 13: Inequality Measures for Log Wages, by Financial Services Sub-Sector and
Occupation

Occupation Renting of machinery & equipment | Research & Development
M anager s 6.06 3.53
Professionals 0.00 50.63
Technicians 10.21 14.28
Clerks 39.63 16.1
Service & Sales 2.54 9.83
Craft 7.84 2.83
M achine Oper ator 23.07 1.88
L abour er 6.26 0.94
Unspecified 4.39 0.00
Total 100 100

It isinteresting to note that while the share of managersin the rentd indudtry islarger
thanthat in R & D, 6.06 versus 3.53, the larger inequality within the latter industry
arises not because of more skilled individuas generaly, but rather due to the
gpecidised nature of these skills. The larger share of managersin the rental of
equipment and machinery, while obvioudy representing skilled workers, is of a
generdised enough nature together with having less of a shortage - to reduce the wage
premiathat such labour can earn.

The sectord cuts above have suggested, firgly, that high skills-intensive sectors such
asfinancid services and Utilities induce gregter levels of wage inequdity and also
large premia on their skilled workers. Put differently, the proportion of skilled to
unskilled workersin a sector isinextricably linked to wage differences and premiain
that sector. The detailed sectora breakdowns suggest that capitd-intensve indudtries
within manufacturing, have higher wage inequaity and premia relaive to labour-
intensve manufecturers. Findly though, the sub-sectord divisions caution againgt
making generalisations about wage inequdlity either a the economy-wide or main
sector level.

Changes in Wage Inequality: 1993-1995

The limitations with the OHSO7 and indeed the OHSO96 data were noted &t the
beginning of the paper. The added difficulty that the congtraints in these data sets

poses, is theinability to do time series estimates of variaions in wage inequdity.

Given these obstacles, an initial and tentative analys's was done on changes in wage
inequality between 1993 and 1995. The datafor 1993 is of course based on the World
Bank/ SALDRU household survey. The latter survey covered atotal of 9000
household surveys, and was the first survey of itskind in South Africa
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While the time period of these changesis of course extremely condrictive, some
interesting results do emerge. Given aso that the period encompasses the trangition to
ademocratic government, certain key labour market and wage aterations would have
occurred here, notably in the public sector. Table 14 below looks at these changes by
race. Thetota figures suggest that over the period, wage inequdity a dl the
percentile differentials has increased. For example, the 90-10 differentid hasrisen
from 3.61 to 3.67 between the two years, congtituting a 1.7% increase. When,
examining the racid divisons, the firgt thing to note about the 1993 data, isthat the
higher levels of inequdity for Asans and Whites reletive to Africans and Coloureds
found for 1995, isreplicated. Thus, the log wage inequality measure for the 90-10
differentia for Africansis 3.35 and for Whitesit is3.97. The wage premium of

highly skilled workersis also repested, as the 90-50 differentid is higher than the 50-
10 differentid for dl race groups.

Table 14: Inequality Measures for Log Earnings by Race 1993 & 1995
Year | 1993 | 1995 | 1993 | 1995 | 1993 | 1995 | 1993 | 1995 | 1993 | 1995

Race |African|African|Coloured|Coloured{Asian |Asian |White |White |Total |Total
90-10| 3.35 | 344 | 349 3.44 370 | 3.78 | 3.97 | 398 | 3.61 | 3.67
75-25| 3.02 | 3.13 | 3.18 3.10 349 | 344 | 358 | 361 | 3.26 | 3.34
90-50| 3.25| 329 | 341 3.30 355 | 366 | 3.73 | 3.84 | 3.53 | 3.56
50-10 | 2.64 | 290 | 2.75 2.87 318 | 3.16 | 343 | 3.42 | 2.83 | 3.02
75-50| 286 | 288 | 3.04 2.86 325 | 324 | 3.32| 338 | 3.10| 3.16
50-25| 252 | 277 | 2.63 2.74 311 | 3.00 | 3.22 | 3.23 | 273 | 2.87

The changes over the period in wage inequality do suggest some interesting trends.
Firgtly, the 90-10 differentia reflects agrowing level of wage inequdity between

1993 and 1995 for al race groups except Coloured workers. For example, the level of
wage inequality for African workersincreased by about 3% in this period, while the
comparative figure for Adanswas 2%. The increase for Whiteswas margind. The
data then does provide provisond evidence of agrowing level of wage inequdity in
the labour market, particularly amongst African and Asan workers. The growth in
inequdity amongst African workers would disproportionately represent the large
numbers of African employees that entered the public sector at senior positions after
1994. Similarly, the 90-50 differential has grown over the period for al races except
Coloured workers. For African workers the growth in inequaity has been about
2.3%, while for Asansit has been 3.1% and for Whitesit has been 2.9%. In other
words, the 1993-95 period has witnessed arise in the returns to highly skilled workers
relative to median skilled workers. Put differently, the wage premium offered to the
90" percentile worker relative to the median employee has risen steadily over these 3
years. Early evidence over what is admittedly a very condrictive time period,

suggests that wage inequality has risen since 1993 and furthermore that the premia
earned by highly skilled workers has increased.

Table 15 below provides evidence of changing wage inequality by gender. Note that,
as with the 1995 data, the leve of wage inequdity amongst male workersis higher
than that found amongst femae employees, at dl the percentile differentids. Hence,
the log wage 90-10 differential for malesin 1993 was 3.76, while for females it was
3.58. Interms of mae wages, there was amargina growth in wage inequdity
between the two periods, in terms of the 90-10 differentials. This appearsto have
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been driven by rising inequality between the median and 10™" percentile worker and
median versus 25" percentile employee. This may suggest that male workers at the
bottom-end of the distribution, who are unskilled, unorganised and oftenin
marginaized sectors such as Agriculture and Mining, have seen their wage returns
declining relative to other workers in the digtribution.

Table 15: Inequality Measures for Log Earnings by Gender 1993 & 1995

Year 1993 1995 1993 1995
Gender Male Male Female Female
90-10 3.76 3.78 3.58 3.55
75-25 3.39 3.41 3.32 3.36
90-50 3.69 3.69 3.49 3.41
50-10 2.94 3.05 2.84 2.98
75-50 3.25 3.26 3.18 3.06
50-25 2.83 2.88 2.75 2.85

Conversdly though, femae wage inequdity actudly fdl over this period, when
measured by the 90- 10 differentids. Indeed, while mae wage inequdity in the 90-10
category increase by about 0.5% for femaesthey fdl by just under 1%. For femaes
this decrease was driven by the reduction in wage inequdity in the 90-50 and 75-50
wage gaps. Thismay represent the growing demand for clerical and other
adminidrative aff in the services sectors, so resulting in higher wage returns for
women who predominate in these occupations.

While the datais not shown here, wage leves by location suggest firdly that, as with
the 1995 data, greater wage inequdity existsin urban compared to rurd |abour
markets. The time-series results are very strong, as they show thet for al the
percentiles, the leve of wage inequdity in both urban and rura labour markets has
increased. For example, in rural labour markets the 90-10 differentia hasrisen by
3%, while in urban labour markets the increase was 2.2%.

Table 16 represents wage inequdity data by education cohorts. Aswith the 1995
data, thereis very strong indication that the levels of inequdity increase
monotonically as we move into higher education groups. Hence, the log wage
inequaity measure (90-10) for those with no schoaling is 3.24, while for those with
tertiary education it is3.91. While higher levels of education then clearly yield higher
returns for individuas, this evidence suggests that for both 1993 and 1995, higher
levels of education aso trandate into greater reldive inequdity.

Table 16: Inequality Measures for Log Earnings by Education 1993 & 1995

Year None SUbA-Std5 Sd6-Sd9 Matric Tertiary
Education 1993 (1995 (1993 (1995 1993 (1995 (1993 (1995 (1993 (1995

90-10 324 | 315 325 318 347 | 351 | 378 | 376 | 391 | 395
75-25 293 | 285 2.85 290 313 | 310 | 345 | 341 | 35 | 34
90-50 315 | 304 319 304 336 | 338 | 362 | 362 | 375 | 384
50-10 252 | 251 2.39 263 282 | 291 | 327 | 320 | 338 | 332
75-50 279 | 270 2.73 272 292 | 288 | 325 | 321 | 332 | 336
50-25 230 | 230 225 242 272 | 270 | 303 | 298 | 320 | 308

The changes over time though, yield mixed results. For the 90-10 differentias there
is, aswould be expected a growing leve of inequdity for individuas with atertiary
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degree. This makes sensein terms of changing labour demand preferences for highly
skilled workers with a specific type of tertiary degree, rdlative to those with aless
specific and less sought- after degree. The decrease in inequaity for matriculants, is
unexpected, athough it may suggest that the certification is viewed as being more
homogenous by employers, and hence the differentid between the lowest and highest
earning matriculant has decreased. The lowering of wage inequdity in the two lowest
education cohorts, may represent the erosion of discriminatory practices amongst
firms, as unskilled African workers wages rdative to White unskilled workers may
have risen over this period.

Ultimately though the above time comparison has suggested firstly that the 1993 data
in and of itself, replicates most of the trends observed in the 1995 data, with regard to
the race, gender, location and educetion profiles. In addition, there is a suggestion
that wage inequaity hasrisen in the labour market, with the big contributor to this
being the higher levels of inequity amongst African and male workers. In addition,

the spatid differentids have been exacerbated across dl the differentids, while the
education cohorts suggest a mixture of declining inequality & the lower end of the
education spectrum and increasing differentials for the highly educated, as areflection
of increasing and specific labour demand specifications.

How Large are South African Wage Differentials?: A Tentative
International Comparison

International comparisons of wage differentids are a difficult exercise. They of
course assume that the country-specific conditions across the sample are dl the same
with regard to arange of variables. In addition, and perhaps more importantly, they
assume that the labour market conditions in each of the economies are Smilar and
therefore comparable. Thisis the background information then, that hasto be

cons dered when accounting for wage differentials across countries. In most cases, it
has to be stated, such comparisons belie the significant differences that are present
across economies. The differences are particularly magnified when, asis the case
below, a developing country such as South Africais contrasted with larger
industriglised economies.

Despite the above cavests, Table 17 below attempts this tentative international
comparison, while noting at the outset the assumptions made in doing such an

andyss. Inaddition, the calculations of these differentids differ from the abovein

two important respects. Firgly, we use hourly and not monthly wages, as most of the
sample countries usudly report wages on an hourly basis, and these [abour markets
have asgnificant share of part-time workersin the forma sector. Secondly, in order
to reduce the statigtical noise induced when taking al workersin the sample, only
male worker differentids are used. Thisisto avoid picking up the gender bias present
in the digtribution. In the South African context, race dso acts as an important
discriminator, and therefore the racid male differentiads are dso reported here. The
developed country figures are dl based on data from the mid to late- 1980s, and while
thisis somewhat outdated, there was no comparable later data that could be found,
using the percentile differentia approach. In addition though, it was felt that the core
results would not be affected with the use of more recent wage data.
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Table 17: International Comparison of Wage Differentials: Log Hourly Male Wages
(Blau & Kahn,1996; OHS,1995)

Country 50-10 90-50 90-10
Germany 0.456 0.539 0.995
Britan 0.594 0.683 1.277
United States 1.040 0.552 1.592
Audria 0.391 0.508 0.899
Switzerland 0.464 0.777 1.241
Sweden 0.382 0.452 0.854
Norway (1982) 0.372 0.382 0.754
Audrdia 0.755 0.439 1.194
Hungary 0.462 0.661 1.123
Ity 0.478 0.486 0.964
Norway (1989) 0.224 0.525 0.749
Non-US average 0.458 0.545 1.003
South Africa
Total 0.85 1.43 153
White 1.24 1.66 1.80
Asian 0.96 1.49 1.60
Coloured 0.68 1.15 1.28
African 0.71 1.14 1.28

The data showsfirdly that in the developed country sample, the USA yieldsthe
highest level of wage inequaity when measured by the 90-10 differential. Hence, the
hourly log wage inequality amongst maesin the US labour market stands at 1.592,
whilein Norway for example, it was 0.749 in 1989. If we include the total male wage
inequality for South Africa, we find that the US labour market is till the most

unequd, but with South Africaavery close second, a 1.53. Theracia wage
divisons for male South Africans however, changes the ranking considerably: with
these figures, the first and second largest inequdity levels are amongst male Whites
and Asans, followed then by the US aggregate. The third and fourth ranked 90-10
differentids are again South African, namdy for Africans and Coloureds.

Ultimately then, depending on whether we take the racid male cut or the aggregate
for South Africa, the ranking does adjust margindly. 1t is evident however, thet the
South African labour market, by these comparisons does manifest a very high degree
of wage inequdity. Inturn, it isan inequdity that is matched only by the US labour
market, with most of the European labour markets reveding sgnificantly lower levels
of wageinequdity. While the above comparison is fraught with difficulties and
congraints, there does gppear to be provisond evidence that South Africa has high
levels of wage inequdity, by internationad comparisons.

Policy Implications and Conclusions

The above paper has attempted to pardld our fairly good grasp of employment trends
and patternsin the labour market, with an intensve examination of the wage trends
and patterns that underlay or inform these quantity changes. The results suggest, in

the firgt instance, that when looking at median wages the regular race, gender and
education differentials arise. The results show that the racid wage gap isfar more
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severe than the gender wage gap, while the raciad wage cleavage is again between
Africans and Coloureds on the one hand and Asians and Whites on the other. The
education median wage data illustrated the importance of matric or tertiary education
in raisng worker's earnings.

While the median wage andys's showed that one of the highest paid sectors were
financid services and the lowest Agriculture, it was the occupationa wage data that
was most reveding. The discrepancy in wages of Africans and Whites ostensibly in
the same skilled and semi-skilled occupations lead to a more detailed regression
andyss Thisandyss suggested that one of the key reasons for the wage differentia
within each of the skill bands, was the higher rates of return on educeation for White as
opposed to African workers. The higher rates reflected White workers accumulating
humean capitd in areas that are in greater demand by firms, as well as the possibility
of firms percaiving the a degree from an HWU was of ahigher qudity than that from
an HBU. In addition, unofficid discrimination from firms may aso be operative, 0
reducing the relative wage of African skilled and semi-skilled workers. For both skill
bands and both race groups, being awomen reduced one' s wage while for semi-
skilled employees, belonging to a union increased the wage earned.

The remainder of the paper focused on examining wage inequdity across the entire
wage digribution, olining it a various intervasin the digribution. The results
suggested firdly thet the levels of wage inequdity amongst African and Coloured
workers of both genders, was decidedly lower than the inequaity found amongst
Asans and Whites of both genders. In addition, there was strong evidence for wage
sgnificant wage premiaoperating for skilled workers, as the 90-50 differentids often
outweighed the 50-10 differences. This result parallelslabour demand trends showing
high and increasing demand for skilled workers, in alabour market with severe skills
shortages. The education wage differentids suggested that as one moved into higher
education cohorts, the level of wage inequality increased. Hence when examining
individuas with atertiary degree for example, the leve of inequdity within thet

group was greater than say the inequality amongst primary school workers. Thisfact
displayed once again the heterogenaity in tertiary degrees, and the differentid returns
that this trandated into for workers.

The sectord wage data reaffirms the above trends as high skills-intensve sectors such
asfinancid sarvices and Utilities, yied the highest levels of wage inequdlity,

combined with 90-50 differentiads that are higher than the 50- 10 differences. In
contragt, alow skills-intendve sector such as Agriculture, reveded much lower levels
of wage inequdity. The sub-sectora breskdowns of Manufacturing and financia
services showed that there remain contrasting wage differentials and wage premia
within the main sector divisons. Particularly in Manufacturing, it was clear that
capita-intengve sectors, in demanding labour augmenting high skilled human capitd,
were more unegual than labour-intensve manufacturers. The limited time-series
andysis providesinitia evidence that as labour demand trends have become
increasingly skewed toward skilled labour, and also as the society shifted to mgjority
rule, levels of wage inequaity messured by race increased over the two-year period.
Finaly, the tentative international comparison reveded that relative to most other
developed countries, primarily in Europe, South Africa has high levels of wage
inequality, as measured by the 90-10 percertile differentials.
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The above results though bear some important policy implications in four areas of
labour market policy. These are kills devel opment, employment equity, the notion of
an income policy and findly in the long-debated issue of the wage-employment trade-
off. Taking the first of these, the data makes it plain that due to a severe kills
shortage in the labour market, skilled labour is being paid apremium. Higher than
market wages are being offered for skilled workers given their inadequate supply. In
another sense, it could be argued that the wage hill is disproportionately skewed to
skilled employees, given their shortage. Thisis of course an inefficient outcome,
reflecting a supply-demand mismatch at the top-end of the job ladder. Thispointsto a
key lever within the armoury of government, namely skills development. Currently,
the South African Department of Labour’s skills development programmeis legaly
anchored in the Skills Development Act (SDA), 1998, and adminigratively run
through the Skills Development Policy Unit (SDPU). The purpose of the Sector,
Education and Training Authorities (SETAS) isto utilise the levies provided for in the
SDA to narrow this gap between demand and supply. Put differently, the brief of the
SETAs s to ensure that the supply characteristics of workersis upgraded through the
process of education and training, in a manner that meets with firms' labour demand
needs. It isonly in meeting such needs of firms that the SETAS can be said to have
succeeded in their tasks.

While the skills development programmeisin itsinfancy, there does seemto be a
redization from government that the most crucid mismatch occurs at the top-end of
the job ladder. The results here suggest that through closing such a mismaich, the
effect may be to reduce the extent of wage premia, so reducing the skewness that
presently exigsin the wage bill. An area of immediate weakness though, but one that
ismore afunction of government line department’ s respongihilities, is that there
appearsto be little dialogue between the Department of Education (nationa or
provincia) and the Nationd Department of Labour. The very fact thet tertiary
degrees are s0 differentially rewarded in the labour market, has immediate policy
implications for how the Department of Education needs to conceive of its higher
education interventions. It isnot dear though, that such thinking has occurred within
the department and that it is borrowing sufficient expertise from the Dol to inform
and make such policy decisons.

The above leads to adiscussion of recent employment equity legidation, contained in
the recent Employment Equity Act. Recent proclametions from the Employment
Equity Commission (EEC), indicates an intention to examine wage differences and
wage differentids more closaly, with aview to promoting grester equity in the
workplace. The evidence, a dl levelsin this paper, suggests that asmplistic
examination of wage inequality would be foolhardy. The paper indicates that wage
differentias are afunction generdly of supply shortages of highly skilled employees.
In addition, they may reflect differing human capitd accumulation of individuds,
with the contrasts extremely nuanced in the case of degreed workers. Furthermore,
race, gender, educetion, sector and location al combine to form afairly intricately
congtructed distribution of wages in the labour market. For the EEC to legidae a
reduction in wage differences and inequdity without recourse to al these
considerations, would be to serioudy underestimate the nature and extent of the
problem. The current indication isthat such a blunt instrument isbeing used asa
guide to reducing wage inequaity, and of course the above has shown that such a
route could prove to be both extremely disruptive to incentivesin the labour market,
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aswdl asresulting in highly inefficient outcomes. For example, for the EEC to
amply mandate a reduction in race differentias for dl professonas, would result in
meassve distortions on the price of skilled labour, which through the disncentives
introduced could lead to an exodus of labour from the domestic market and arisein
shortages.

Another policy intervention that has often been mooted in South Africaisthat of a
nationd incomes and employment accord. Theideais essentidly that government,
labour and business would together attempt to determine a common agenda on
employment creation and wage growth. The ideain the latter case is that unions
would agree, in return for something tangible from government and business, to keep
the growth of red wagesin check. All the above andyss has dluded to, is that while
there are of course wage pressures induced through unionisation of bottom-end
workers, skills shortages in the labour market, have induced similar pressures a the
top-end of the job ladder. Any palicy discussion around the setting of wages and their
growth over time therefore, must take account of the fact that the wage bill is
composed not only of earnings of unskilled workers, but also of high-end employees
whose returns reflect sgnificant premiathrough existent skills shortages.

One of the key debates on the South African labour market, has of course been the
relationship between wages and employment. An inter-related issue on the wage-
employment nexus and one rdevant here is how we understand this link in the context
of thewage hill asawhole. Asnoted, workers at the top-end are paid a premium,
because there is such a supply dearth. In this respect it would be useful to assessthe
growth of the wage bill over time, and to determine which skills categories have been
driving the growth in the wage hill. Inthisway it will be possible to link wage hikes
and employment consequences according to skill levels. It may be possible for
example, that a growth in the wage rates of skilled individuals was the primary cause
for higher labour cogts, and it was thisfactor that resulted in employment losses. The
basic point hereisthat arise in labour cogts should be carefully apportioned between
skilled and unskilled workers. In thisway, we can arrive a amore complete analyss
of the factors driving a growth in the wage hill, and how thisin turn has meant a
reduction in employment levels.

Ultimatdy though, the above paper has attempted to move beyond very basic
descriptions of wages and wage differentidsin the South African [abour market. The
central idea of the paper, and oneit is hoped that has been achieved, isto display how
the quantity supplied and demanded of labour has been and will continue to be very
interdependent on the differentia prices paid to such labour in the economy.
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Appendix

4.5

Log Wage Differential
N

Male-Female Wage Differentials,1995

- Total

White

10

25

50

Percentiles

75

90

Inequality measures for log earnings by Location 1993 & 1995

Year 1993 1995 1993 1995 1993 1995
Location |Rural Rural Urban Urban Semi-rural |Semi-rural
90-10 3.35 3.45 3.66 3.74 3.80 3.56
75-25 3.00 3.03 3.34 3.38 3.54 3.12
90-50 3.28 3.37 3.54 3.62 3.70 3.46
50-10 2.55 2.66 3.03 3.11 3.13 2.87
75-50 2.85 2.89 3.14 3.21 3.38 2.91
50-25 2.45 2.46 2.92 2.87 3.04 2.70
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