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Abstract

Sx years into South Africds fledgling democracy one is prompted
to ask: what has been achieved, if anything? In this paper, | will atempt to
provide some answers if tentative, concerning economic mohbility as it
pertans to labour makets in KwaZulu-Natd usng the KwaZulu Income
Dynamics Study (KIDS) daa To do so | adopt both univariate and
multivariate techniques  Univaride edimaes of eanings mobility are
presented under Markovian assumptions, firg in the form of trangtion
matrices and then in the form of fird order autoregressve modds. To shed
light on other corrdaes of mohbility, | then turn to an andyss of trandtions
between labour market dates usng a multinomia logit framework.  Key
findngs ae (i) femdes expeience a 61% increase in ther trangtion
probability from sdf-employment to being "out of the labour force’; (i)
race gopeas to be indgnificat in predicing trandtions out of
unemployment and into employmet, but is ggnificant in  predicting
jobloss in short, it would gppear that being an African person has become
unimportant for getting a new job, but is Hill important for loang one (i)
bdonging to a revolving credit assodaion increeses ones chances of
findng a new job by 45%; (iv) years of experience (proxied for by age in
years) is sgnificant for finding a new job if you were unemployed in 1993,
but for new entrants into the labour force, education replaces experience;
and (v) an additiond year of education is important for remaning employed
and increases one's chances of moving up the earnings digtribution by 5%.

|. Introduction

“Reative sodd mohility” is a Studion in which there is no overdl
change in the income didribution, but there is a margind change in the
wdfare of individuds as is the cas= when two people in the income
digribution dmply exchange pleces. Rdaive socid mobility therefore
implies that the incidence of poverty (however it may be measured) remans
unchanged, which begs tre question: why should we be concerned about
social mobility in the first place? In answering this quesion, Atkinson,
Bourguignon and Morrisson  (1992) didinguish  between  “ingrumentd”
matives and “intrindc” moatives for mobility. An example of the former is
the equity/effidency argument, i.e, where the mobility of entities between



vaious daes is purdy ingrumenta in achieving a dedred socid outcome
(such as a more equitable didribution of income). By contrad, the latter
mative holds tha mohbility has some sort of intrindc vdue such as the
notion that mobility accords with some broad notion of liberty and freedom.
This diginction is an important one, especidly for sodeties (such as South
Africa), which have had very rigid soda dructures. To be sure, the man
task of the Mandda adminigration was to implement a legidative overhaul
by repeding old laws and passing new ones in order to st in motion the
process of change, achange of immenseintringc vaue.

In ceatan cases, smply changing laws can have an unanticipated
indrumenta  effect on inequaity. Condder the reasons advanced by
Lundberg and Statz (1996) for the emergence of lowwege-low <ill
poverty traps. They argue that if workers can invest in productive skills that
are not perfectly observable, black workers will have less of an incentive to
undertake such invesments The logic is that dnce such invesments are
not observable, the only way they can be rewarded is if test scores change
as a result of undertaking the invesment.! But if employers accord a lower
weght to the test soores of black workers %(Aigner and Cain, 1977), the
workers best response will be to not undertake the investment. This has the
effect of shifting the wage schedule for black workers downward while the
dope of the wage schedule of white workers (who do undertake
investments) becomes even deeper.  The lowwage-lowproductivity-low-
sill povety trap in which black workers are caught is a sdf-fulfilling
prophecy. One might think that an overhaul of the legd framework dong

1 In other words, the decision not to invest on the part of the worker, and the decision to
pay low wages on the part of the employer, can be thought of as mutual best responses.

See Bowles (1999a) for a similar take on Apartheid labour market conventions in South
Africawhere the decision to accept low wages and pay |ow wages are interpreted as mutual
best responses on the part of unskilled black workers and white employers respectively; as
long asmo st of the latter adhered to the convention, it would remain a stable equilibrium.

2 |n their classic study of racial wage discrimination, Aigner and Cain (1977) advanced the
theory that since test scores are noisy signals for worker quality (and thus wage setting),
racial stereotyping emerges as the device used to set the wage schedule.  White workers,
they argued, were not as removed from their managers since they too were white.
Individual test scores could therefore be verified by the manager simply "knowing" the
worker, given the limited socia distance between them. The same could not be said for
black workers and therefore their individual test scores could not be used as a basis for
setting the wage schedule.



with the introduction of legidation such as the "Employment Equity Act’
would eradicate the problem. Possible perhaps, but far from redigtic!

It is our contention that new legidation, while very important in
fadlitating the emergence of politicd and sodd fresdoms, has very litle
indrumental vdue in tems of ddivering economic freedoms because of
two mutudly renforcing phenomena povety traps and wedth inequdlity.
In chort, despite the reped of much gpathaed legidaion tha activey
discriminated againg black South Africans the ovewhdming mgority of
whom are dassfied as poor, these same individuds remain trgpped in ther
povety, undble to exagpe owing to previous and exiding wedth
inequdities.  In the colourful language of Chales Simkins South Africas
poor remain poor because of thefootprints of Apartheid.

The importance of wedth inequdity to undersanding the continued
co-exigence of deditution and opulence has been recognised in the
theoreticd literature over the last decade. One important view is that owing
to ther wedth daus, the poor might be credit rationed, leading to
underinvestment in humen cgpitd on ther pat (Gdor and Zera, 1993
Giamnini, 1998°.  This limits their prospects for job mobility and
consquently, ther earnings mobility will dso be quite limited (Banerjee
and Newman, 1993).*

If wedth inequdity is an important determinant of the perssence of
widesoread poverty, unemployment, and earnings inequdity, then what
should the role of policy be in tackling these problems? As suggested

3 As Galor and Zeira (1993) and Giannini (1998), if the initial distribution of
wealth is such that there are rich dynasties (in which all generations invest in education,
engage in skilled labour and |leave large bequests) and poor dynasties (in which agents
inherit less, engage in unskilled labour and leave small bequests), multiple steady states
obtain®. There exists therefore, some threshold initial wealth level below which agents are
stuck in a poverty trap, and above which agents are propelled to high levels of
accumulation. Relatively egalitarian societies (where there are large middle classes) do
better in terms of accumulation, than do relatively inegalitarian ones.

4 Banerjee and Newman (1993) show that given the initial distribution of wealth, a
low wage rate and little upward mobility obtains if there is initialy a large group of poor
agents who have no alternatives but to engage in wage labour. Conversely, a high wage
rate and large upward mobility obtainsif thereisinitially asmall group of poor agents.



above, policies that combat (labour market) discrimination might go some
way to reducing some inequdity. However, as Bowles (1999b) argues, if
such polides ae combined with appropriate socid policy designed
edificdly to improve community governance (or sodd cgpitd) by
changing the incentive dructures that characterises locd interactions where
there are unequd rewards for different behaviours, an optimd mix of date,
maket, and community problem solving might be achieved. Saed
differently, if government action is limited to changing laws, accompanied
by token datempts a enforcement and minimd (udaneble) asset
redigribution, low mobility traps may proliferate, solely because the reward
gructuresfor locd interactions are not incentive-compatible.

Ye the revarse ca2 might dso be true  Congder the following
though experiment: Sudaineble asset redidribution will eventudly lead to a
larger frequency of anonymous interactions as markets expand and people,
once condrained in their choices, become dble to interact with whomever
they plesse. But as markets grow larger, so does the need for 39 party
enforcement of contracts, which obviaes the need for socidly dedrable
norms such as trust, reciprocity and famess® An absence of sodaly
dedsrable norms (such as having honest work ethics) and sdective third
paty enforcement of contracts implies a worsening of the incentive
dructure goverring interactions.  Under such conditions, the cods of
monitoring or controlling for the unobservables of the paties to an
interaction, rases the incentives for increesed rdiance on  ddidicd
discrimination based on such eadly observed characteridics such as race,
gender, language and age. Worse, if (market) interactions expand as a
result of economic growth, the bendfits of which accrue to only a smdl
fraction of the population, which may now dso indude a smdl number of
those previoudy disadvantaged (as is the case when both between and
within group inequdity rises), the rate & which soddly desrable norms are
eroded could rise quite congderably. If it is true that socidly dedrable
norms have podtive externdities (socid cgpitd) which exert an upward

® By raising this possbility we do not mean to imply that markets are inconsistent with the
maintenance of socially desirable norms such as trust. Indeed, the two can be quite
harmonious, but probably only where contracts are incomplete, as Bowles and Gintis
(1997) argue, and where traders who have some characteristic, physical attribute or
experience in common, dominate the market. (Coleman’s (1988) example of trust among
Jewish owned jewellery dealersin New Y ork City comesto mind)).



influence on job mobility (and therefore dso eanings moahbility), the
dedtruction of such norms may condran labour market opportunities.
Frugrated by their stagnation, this could leed workers to shirk more (or a
leest increese the incentives to shirking). In the presence of “flexible’
ldbour makets and zero employment rents but  comprehendve
unemployment  benefits, both worker productivity and firm leve technicd
effidency could decreese, thus further condraning growth. If (as)
redigribution gill does not teke place, a vicious circle of low growth, low
sodid capita and low productivity might occur.

It is our view that pos-Apartheid South Africa fdls somewhere
between these two extremes characterised by sudtainable redidribution on
the one hand, (for example, the old-age penson scheme) and unsudtainadle
redisribution, low growth and growing unemployment on the other®
Moreover, these perils feed off one another.

II. Policy Relevance

If perceptions of the fairness of rdative socid mobility are rdated to
socid and political coheson, epecidly in sodeties with a hidory of large
(socidly enginesred) inequdity, such as South Africa, isolaing the
predictors of “moves’ and “dayers’ can be invduable in moving a sep
dosr to the more difficult god of undersanding whether egditarian
reforms will be supported in the future.  The need for such an andyss is
especidly important if we have reason to suspect that the poor might have
overly optimisic expectaions aout their future pogtion in the income
didribution. Such a modd, which is condgent with observed
intergenerational parsgence of inequdity in the USA, has been employed

6 Redistribution is “sustainable’ if it alters the incentive structure governing prisoners
dilemma type interactions such that the degree of reciprocal fairness increases, thus
lowering the probability of a reversal of the original redistribution in the future. See
Bowles and Gintis (1997) and the dialoguein Eric Olin Wright (1997) for more on this.

" Note that social mobility may come about through transitory shocks or because of
changing rewards for different skills, as in the case of “intra’ generational mobility; or - as
in the case of “inter”generational mobility - could also come about through group effects
and individual characteristics apart from skill that contribute to earnings, such as a positive
work ethic (Bowles and Gintis, 2000b). For a model of the relationship between
distribution, growth, mobility and political attitudes, see David Hojman (2000) and for a
model of the determinants of active labour market policy, see Gilles Saint-Paul (1998).



in explaining why the dectorate continudly vote down (or seek to prevent
conditutiondly) any redidributive polices which impose high tax rates on
future generations (Bendbou and Ok, 1998). But people do not dways
behave in this manner.  Egditarian redidribution such as unemployment
insurance may be supported for purdy sdfish motives even by those who
expect to spend more then ther fair share towards such insurance over ther
lifetime (Moene and Wdleargein, 1997). More importantly, they may adso
support egditarian reforms because of “reciproca farness’ — a tendency for
human beings to digplay other-regarding behaviour (contrary to the <Hf
interested individud of neo-classca economics), both in co-operaing with
otheas and in punishing those who deviae from edablished norms of
reciprocity and fairess (Fetr, 1996).8

There are many practica reasons why an underdanding of earnings
or income dynamics might be immediady rdevait from an
equity/effidency dandpoint. An undersanding of the role played by purdy
dochadiic factors in determining observed income leves is audd in policy
debates such as the desgn of anti-poverty programmes.  Reliance on
observed (temporary) income from cross sectiond surveys as opposed to
lifetime income messures, invaidbly leads to an overedimaion of the
inddence of poverty (Behrman, 2000). The same can be sad for esimates
of corrdaion coefficients, both within and between generations (Solon,
1989; 2000).

Atkinson et al (1992) dso note the rdevance of mohility to the
desgn of penson schemes as wdl as the use of “averaging” for income tax
purposes. A socety with a large degree of persgtence, they note, will
generae lower overdl government revenues if average incomes (over a
number of years) are used as abadsfor revenue generation.

8 Such behaviour is supported both by the quite substantial experimental evidence from
public goods games as well as evidence from artificial life smulations. In terms of the
latter, of particular importance, is the finding of evolutionary stability of “tit-fortat”
strategies among randomly paired agents (see Gintis, 2000 as well as Bowles and Gintis,
1997 for areview of thisevidence).



[11. Methods and Preliminary Evidence

Two key gpproaches to measuring the extent of mobility are used in
this qudy. The fird are trandtion matrix-based approaches and the second
is the GatonMakov modd of regresson toward the mean. What follows
ae briegf outlines of each goproach and a discusson of ther agpplication to
the KIDS data

In generd, a trangtion probability matrix (P) isan n =~ n marix,
where n refers to the number of categories and (pj) is the dement in the jth
row and kth column of (P) and refers to the probability that an entity moves
from the jth category to the kth category between the two time periods. The
sum of the rows must be equa to 1 whereas the sum of the columns need
not necessxrily be 1. Prdiminary edimaes (adjusted for life-cycdle effects)
of such trandtion probabiliies — where the categories represent an
individud’s pogtion in the earnings didribution in 1993 (rows) and 1993
(columns) — are shown beow in tables 1-15. The diagond dements show
probabilities of pesstence, whereas the off-diagond dements ae
probabilities of trandgtion (upwad or downwad) in the eanings
didribution. The probability of remaning in the bottom tercle (if you were
there in 1993) is 0.68 while the corresponding probability of daying in
middle tercile is 0.56. The degree of perdstence in the top tercile is even
greater. A totd of 71.4% of these types of houssholds could expect to
preserve ther advantage over the five-year period.

The gender and regiond dimendons of persgence as reported in
tables 2-6 reved an even darker picture of perssence, as indicated by the
even thicker tals of the diagond. The probability of remaning in the
bottom tercile for femaes (maes) is 0.77 (0.59), while the corresponding
probability for femdes (maes) in the top tercile is 0.78 (0.69). Moreover,
the probability of persgence in the fird and third terciles, conditiona on
living in arurd areg, ae 0.75 and 0.76. The same probabilities, conditiond
on living in an urban area however, are 044 and 0.70, suggesting markedl)é
more mobile individuds a the bottom of the earnings didribution in 1993°.

° A cautionary note: owing to the small sample of individuals at the bottom of the (age
adjusted) earnings distribution in 1993, it is not prudent to accord too much weight to the
differencein persistence probabilities for the bottom tercile.



By contrag, "midde dass' eanas in urban aess exhibit much higher
levels of persastence asreported in table 5.

In generd, perdgence findings for the full sample with the
exception of those in the top tercile, are dso reasonably robugt to controls
for shocks. As reported in tables 7-10, a negative shock - defined as
whether or not an individud was pat of a household that experienced a
degth, serious illness theft, mgor crop falure, and widespread degth or
disease of livesock - decreases the probability of perssence in the top
quintile from 0.78, for those who didn't experience a negative shock, to 0.62
(for those who did). By contrast, beonging to a household that experienced
a podtive shock (such as new or increesed remittances and grants,
inheritances, gifts and lottery winnings, payment by a firm, and mariage)
increases the perastence probability in the top quintile from 0.69 to 0.87, as
reported in tables 9 and 10.

Tables 11-12 shows gmilar edimated trangtion probabilities for
eech of the two race groups captured by the KIDS data. Since Africans
represent the mgority of the vaid sample (77%), it is not dl that surprisng
that the perdagtence patterns for this sub-sample resemble those of the full
sample reported in teéble 1. The probability of remaning in the bottom
tercile for Africans who were poor in 1993 is 0.70 whereas the probability
of remaning in the top tercile is 0.67. This compares to a perssence
probability of 0.76 for Indians in the top tercile  Assuming that the Indian
b sample is representative, this finding would suggest that Indians are
more likdy (than Africans) to presarve any advatage they may have
acquired in the labour market by 1993.

A limitation of the above discusson of trangtion probabilities is that
they sy nothing of the extent of oveardl eanings maobility or immobility: in
short the problem has to do with how to reduce a trandtion marix to a
scdar messure of the degree of mohility or immohbility. Various measures
are proposed in the literature but not dl condgtently rank different trangtion
matrices’® One such scaar messure, firgt suggested by Shorrocks (1978)
which cgptures the inverse of the harmonic mean length of day in a
paticular date (scaed by n/(nt1)) is the “trace measure of mobility” or M tr

10 see the discussionsin Behrman, 2000 as well asthe work of Geweke et al (1986) and
Shorrocks (1978).



(P) =[(n - trace(A) - 1)/(n - 1)] . However, Geweke et al (1986) found a
counter exmple for which the trace meesure violated the assumption of
monotonicity.’! A more serious problem with this approach however, is
thet it does not account for variations in the amount of mobility — it treats
two individuds that experienced some mobility as conceptudly identicad
and therefore does not cagpture the depth of movements away from the
diagond. A more gppropriate meesure in this regard, is the "determinant
meesre of mobility” M p (P) = 1 - ¥Det A4 ™. Geweke et al(1986)
showed thet as long as dl the egenvaues of P are red and nonnegetive, the
trace messure will be interndly condgent.  Moreover, if any function
maoping P into a scda can be expressed as a drictly monotonicadly
decreasing function of the moduli of the eigevdues of P, then 0 is the
delerminant measure.  Since we have not tested explicitly for the latter, we
consequently report both measures. Table 16 reports a summary of M p and
M g for dl the trangition matrices reported above.

The fird point to note is that the trace and determinant measures
differ by ten index points when the trandtion matrix in quesion is
unadjusted for life cyde effects and has no additiond controls.  Both
measures dso accord an unexpectedly high rate of mohility to the full
sample (Mtr = 0.71 and Mp = 0.81) asindicated by the measures reported
in the lagt row of table 16. Smply contralling for life cyde effects reduces
the trace measure to 0.52 and the determinant measure to 0.57 (see row 1).
The reaults ds0 show tha men are consderably more mobie than women.
Note thet the life cyde effect gopears paticularly acute for women as it
accords a rate of mobility of 0.46 when age controls are used compared to
0.77 when age controls are absent.  Findly, shocks whether pogtive or
negaive, unambiguoudy lowers both the indices of mohbility.

We now turn to modeds of regresson toward the mean. The usud
specification of the firg-order Gaton-Markov modd is

Wit = g + b1 Wit.1 + Uit (1)

! Shorrocks (1978) showed that monotonicity requiresthat M(P) > M(P*)if pixs p* jkfor
aljt k, and pk> p*jxsome j* k. Note that P and P* are two transition matrices and M(P)
reads a mobility index is afunction mappingP into ascalar.

10



where w represents the naturd log of earnings (income) for individua
(household) i a time t and u is the eror teem which is assumed to be
independent of the previous period earnings (income) and is digributed
independently and identicdly across periods (for individual i) and across
individuds (for date t). Atkinson et al (1992) show that the Galton-Markov
modd is one of regresson toward the mean in the sense that if b< 1, then
the expected vdue of eanings a time t for person i dffes from tha
expected by a person with mean earnings my(t-1) by an amount b(Wi.1 -
my(t-1)). People above the mean can therefore expect to preserve their
advantage but to a reduced extent, whereas people below the mean may
expect to see their earnings move closer to the meen.

Tables 17-19 presnt the results from esimating the Galton-Markov
modd using the KIDS pand data set. The modd was edimated for various
ub-samples of the daa usng dther the naurd log of eanings (for
individuals) or income (for households). In addition to these regressons,
the modd was ds0 edimaed for dl variables normdisad by the mean of
the rdevant didribution. The mog intereting finding thus far, is tha the
edimated b's of the log trandormed vaiadbles for both individud earnings
and household income are the same (1.49). This should not be the case as it
uggess tha immobile eamnings might be driving immobile household
incomes which seem implausble given the problems of atrition bias
incomplete eanings hidories and coss sectiond censoring (Note the
varidion in sample Szes between table 17 and table 18). The esimated b’s
when dl vaiaddles ae nomdissd by ther sample means shows a
completdy different picture.  Household incomes gopear to be much more
mobile (as low as 062 for the full sample) wheress individud eanings
exhibit drong perssence (as high as 0.95 suggeding that ether the red
incomes of the rich are increesng or those of the poor are decreasing). In
addition, there appears to be a bifurcation of incomes suggegting the
presence of nonlinearities in the trangtion process  Individuds and
households in the bottom and top of the income didribution seem to exhibit
much larger pesgence wheess those in the midde of the income
didribution experience grester mobility. A doser examinaion of the
quintile trangtion matrices shown in tables 13-15 confirms this. Table 13,
which shows the trangtion probabiliies for femdes suggets vey high
levels of persgence in the fird and fifth quintiles; 0.54 and 0.63, whereas
the probabilities of persging in the second and fourth quintiles are 0.38 and

1



048 repectivdy. Findly, persgence in the middle quintile is the lowest
among d| the diagond elements; 0.36.2

Two important aress yet to be addressed, egpecidly in the case
where individud eamnings are the rdevant definition of w, is atrition bias,
by which we meen the falure to collect information that exigs (as is the
ca2 when time t-1 has been accorded a data point but period t has not) and
the problem of incomplete eanings higories (which is rdaed to an
individud leaving or entering the labour force). The fact that these two
problems cannot be separated in any meaningful way (in the absence of
wdl-designed filter quedtions) adds to the larger problem of censoring
within each cross section of the pand.'® In order to have a better
underdanding of movers and dayers in the two cross sectiond earnings
digributions, we need to dudy the behaviour of individuds out of the
labour force as well as those captured by the earnings data  In the next
section, we dtempt to modd entry into and exit from the labour market by
edimaing amultinomid logit modd.

12 An important qualification concerning non-linearities: from the evidence presented thus
far, one cannot tell with certanty if indeed the transition process is truly non-linear or
rather the outcome of a floor/ ceiling effect imposed by the very design of transition
matrices. To untangle this, a detailed decomposition at the percentile level is needed. A
more likely possibility is some combination of a non-linear process as well as a floor-
ceiling effect. We proceed under the assumption that at the very least, thisis true, and
defer verification of this assumption for present purposes.

In order to capture such non-linearities we present a multinomial logit regression
framework below, in estimating the probability of transitioning to the middle or top
terciles. The logit model is appropriate since it alows for a nortlinear functional form
based on the logistic distribution.

13 Elsewhere, we have tried to address this problem at the cross sectional level by
estimating Tobit earnings functions (Burns and Keswell, 2000), but such an approach is not
readily applied to panel data. A recent strand of econometric work in this area such as Hu
(2000) does try to deal with this problem by suggesting an efficient way of “trimming” the
data (thus restoring symmetry) and implementing a generalised method of moments.
However, for the purposes of this paper, no attempts have been made to account for
attrition bias and cross sectional censoring.



V. A Multivariate Model of Labour Market Entry and Exit

An indvidud is assumed to have preferences defined over the st of
dtenatives | = {1, 2, 3, 4 where 1 = “ wage employment”, 2 = “<df
employment”, 3 = “out of the labour forcg” and 4 = *unemployment” and
derives utility Ujj = max Uiz, Uiz, Uis, Uis) from these choices™ In other
words,

Ui = B Xt + €jt

The obsarved outcome of labour market gae is given by y = choice
| if U (dtendive j) > U (dterndive k) for dl j...k. The error terms
represent individua heterogeneity and are assumed to be indeperdently and
identicaly digributed. The probatility of choice | istherefore given by

The vector X indudes time-invariant individua characterigics (such
as race and gender) as well as time-varying individud characteridics (uch
as age, years of education completed, body-mass index) and time-vaying
nonindividud characteridics (such the occurance of a negetive or pogtive
shock to the household, and “socid capitd” conventionaly defined).

The dependent vaiadle y is defined as the obsarved labour market
date j = {1...4}in 1998, conditiond on the labour market sates in 1993.
The modd is therefore estimated for each of the four labour market dates in
1993. In other words, separate estimates are carried out for households thet

14 Note that we use a choice theoretic framework in the above analysis. To the extent that
the choice of labour market states isn't strictly an optimal response on the part of the
individual, but rather the circumstance of a predetermined or exogenous outcome (such as
being retrenched during a recession or exiting the labour market owing to on the job
injury), then our model can easily be converted to a purely mechanical relation such as a
latent regression approach, where the observed labour market state of anindividual is given
by certain individual specific (possibly time invariant) characteristics as well as a vector of
other nonindividual specific characteristics.

13



made trangtions from being employed in 1993, to each of the 4 discrete
observed outcomes in 1998. The same will be done for those who were
unemployed, sdf — employed™ and out of the labour force in 1993. The
table below describes the vdid sample.

1998
Employed  Saf Employed  Unemployed  OLF n
§ Employed 672 27 160 99 958
= Self Employd 47 37 33 52 169
Unemployed 281 41 418 62 802
OLF 300 a4 511 756 1611
n 1300 149 1122 969 3540

Tables 20-21 report the multinomid logit edimetes for four
vaiaions of the modd on the trangtiond probebilities from employment in
1993 to each of the three other dates in 1998. Table 22 reports the
edimates of a modd of trangioning from sdf employment to the three other

5 The category self-employed includes both petty commodity trade and production (of
which there are 20 sub-categories captured by the KIDS panel) as well as subsistence and
commercia agriculture. In other work, we are investigating how to incorporate these sub-
categories of occupational choice in the above model. One approach is to use a nested
multinomial logit framework but the success of this approach depends largely on sufficient
variation of the LHS variables, which is a problem in the KIDS panel. For example, the
reported data on self-employment in agriculture in 1993 is very low. An added problem is
that the 1998 questionnaire did not distinguish between forms of self-employment.
Presumably, this is has to do with the typical amount of time an individual/ household
spends on farming. Since most farming takes place on a part time basis, but a great number
of people rely on it for subsistence purposes (Carter and May, 1999), such activity does
congtitute self employment. We therefore have to devise a way of inferring which
individuals in a household rely more on agricultural production and which spend most of
their time in petty commodity trade and production. Moreover this has to be done using
the production datain combination with the reported activity of the individual respondents.
This becomes quite a cumbersome task and requires one to make assumptions about time
spent in self employment (other than agriculture) which are not internally verifiable since
the agricultural production data provides no variables on hours of work. Asan exercise,
we computed self-employment in agriculture by inferring hours worked in the 20 sub
categories of self-employment. If an individual reported that s’he was self employment but
spent less than 20 hours a week doing that activity, and if the household reported
production data for agriculture, then this individuals main activity was read as "self
employed in agriculture”. The resulting LHS variable (which now had 1 additional labour
market state) still did not contain enough variation to be estimated (even in the multinomial
framework listed above).
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dates  Three varitions of the modd of trangtions from unemployment in
1993 are reported in table 23 and findly, table 24 reports 2 variations of the
modd of the OLF trandtions

Employment Transitions

Being African decreases the probability of trangtion to OLF by 6%.
A one year increase in age ds0 reduces this probabilty - by about 2% -
however, this advantage disgppears, the older one gets. Femdes face an
exceptiondly large increase in the probebility of exit into OLF datus
(12%). The reaults in table 20 dso suggest that individuds manourished
(or & risk of becoming s0) face no such pendty. Indeed, the probability of
exit decreases by 5%. An interesing finding, and one thet is quite robust
(@ will become evident shortly) is tha memebership in a financid group
such asagtokve in 1993 lowers the exit probakility by about 6%.

Table 21 reports the reslts of a dightlydifferent specification for
trangtioning into sdf employment and unemployment. 1t shows that being
African results in a 4% incese in the trandtion probability from
employment to sdf employment.  Also, oveweight individuds [defined as
having a body mass index (a proxy for current hedth status)'® in excess of
25)], can expect to have a 2% increase in ther a trandtion probability to
sf employment.

While race ssems to confer an advantage to individuds who exit
employment into OLF, it does the opposte for those who exit into
unemployment: being dfrican rexults in a 15% increese in the trangtion
probability. By contrast, being overweight results in a decrease of 11% in
the trangtion probability.

Self Employment Transitions

Table 22 reports the results of trandtions out of sdf employment.
As is evident from the table, owing land in 1993 increases the trangtion

probabiliy from sdf employment into unemployment. As wes the case for
employment trangtions, age plays a dgnificant role for individuds who

16 See Dasgupta (1999).
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move from being sdf employed to OLF. Here too, the nontlinear effect of
an additiond year of age is evident given the large negdive vaue associated
with age, compared to the pogtive vaue associated with its square. By far
the mog intereting finding however is the that femdes can expect a 61%
increex=2 in ther trangtion probability to OLF.  The vadly differing
megnitude of this variable for the employment trangtion to OLF as
discussed above, may in part, be owing to the geater degree of flexibility in
entering and exiting sdf-employment modes of production (largey petty
commodity production or agriculturd ectivities) as opposed to formd
employment. Furthemore, if it is true tha incomes in sdf-employment
activities are lower than those in formd employment, the opportunity cost
faced by a woman making a decigon to exit sdf-employment will be lower
than thet of a woman exiting forma employment. Fndly, individuds who
experienced a podtive shock between 1993 and 1998 can expect an 28%
increase in ther trangtion probability to OLF.

Unemployment Transitions

Table 23 reports the esimated coefficients and margind vaues for
unemployment  trangtions Three modds with  paticulaly interesing
reults ae highlighted: these are the modds of trangtion to employment.
Note thet race gopears indgnificant in dl three spedfications  This is in
contrast to the modds of employment trangtions discussed above, where
being African increesed your chances of lodng your job by as much as
15%. In short it would appear tha race has become unimportant for getting
a new job, but dill remans very important for loang one  This finding is
quite petinent to the desgn of redigributive indruments such as
unemployment insurance as it suggeds that while labour markets in
KwaZulu Natd might no longer be biased in favour of Indians and whites
when it comes to hiring, previous advatage might dill play a rde in
dhidding workes from jobloss.  If it is true tha the peten of
retrenchments between 1993-1998 resulted in more African workers losng
their jobs because of (8 sheer numbers - Africans occupy mog of the
unskilled labour postions and (b) Indians occupy a more than proportionate
number of skilled labour pogtions, then a government concerned about
egditarian redidrbution should not only be concerned about expanding the
st of redidributive indrumerts, but should dso provide incentives for
firms to dter the <kill base of thar employess. Subsdissd on the job
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traning is one promisng area as it sarves both as a form of socid insurance
and as a demand Sde intervention: better trained people advance quicker in
thelr jobs, thus eroding the role played by race in downszing in the long
run, and if more Africans ill lose ther jobs the <kills leant might
decrease their unemployment spell*’.

Ancther interesing finding is the coeffident on the dummy variable
for being a member of a sokvd in 1993. As is evidet from table 23,
bdonging to such an asodation (which ae esstidy revolving  credit
asoaidions) increases one's probability of finding a new job by 45%. One
interpretation of this finding is that beonging to such a group dlows one to
consumption smooth more effectivdy, thus freeing up vdudble time (that
might otherwise be spent on unproductive or low retun activities) which
can then be usad to extend the amount of time and effort seerching for new
employment.  Yd, in order for this explanaion to be consgent, having
access to such a windfdl mus dso efectivdy reduce mean unemployment
Sdls 0 as to endble members to meet future payments to the stokvd.
Otherwise, one would need to find some other way (possbly from pooling
household resources) of mesting obligations to the group.

Ancther  posshile interpretation is that merdy bdoging to such a
group expands one's chances of finding new employment, given access to a
broader network of (most likey) other employed individuds.  Improved
information here could be the driving force behind increesng the
probability of finding a new job, but so could the Imple benefit of
interacting with others on a community levd, i.e, the socid capita effect.
Fndly, having access to periodic payments might ad in inveding in <kills
or education. However, if this were true, one would expect that an increase
in the number of years of education should be a dgnificat predictor of
getting a new job, if previoudy unemplyed. We do not find any evidence
of this however. Note tha the varidble YRSEDU 93 is not daidicdly
ggnificant and does not become sgnificat when different race or regiond
dummies are used.  This finding is dso robust to other modd Specifications
not reported here.

Y This of courseignores other problems such skill specificity and the effects these might
have on unemployment. It also assumes that mobility achieved in this way will be
asymmetrical.
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If grester socid capitd is the underlying process by which sokve
membership trandates into an increese in the probability of finding a new
job (i.e, gregter interaction with others might confer skills which could be
usad in securing new employment), then the type of group one belongs to
maiters aso.  Bdonging to the "African Independent Church" for example
results in a 18% decrease in the probability of finding new employment.

Out of the Labour Force Transitions

The mog interesing finding regarding OLF trangtions conceans the
effect of education on the probability of finding a new job. As is evident
from table 24, having a seconday leve of educaion increasss the
probability of fnding a new job by 5%, while having only a primary leve of
education decreases the probability by 5%. Given the indgnificance of
eduction in predicting a trangtion from a date of unemployment to new
employment, the rdevence of education for the OLF trangtions sgnds that
education replaces years of experiance (as proxied by age) for the sample of
individuals who meke such a trangtion. This interpretation is supported by
the finding that age is ddidicdly inggnificant in the regresson results
reported in table 24, yet they ae conddently dgnificant for the
unemployment trangtion modds reported in table 23, Fndly, individuds
who live in the former KwaZulu homdand can expect an 8% decrease in
their probability of finding new employment, if they were OLF in 1993.

Earnings Transitions

The multinomid logit results edimated for trangtions in  labour
market dates do not shed any light on the question of what metters for the
advancement of employed individuds. Table 25 presents multinomid logit
edimaes of earnings trandtions among terciles An additiond year of
education results in a 5% increase in the trangtiond probability from the
the bottom tercile to the top tercile while membership of a stokve increases
this probability by 7%.
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1993

1993

1993

Table 1. Full Sample (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 68.3 23.7 7.9 139
Middle 15.7 55.7 28.6 140
Top 11.3 17.3 71.4 168
n 136 140 171 447

Table 2. Females (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 77.1 18.6 4.3 70
Middle 21.1 56.1 22.8 57
Top 13 8.7 78.3 46
n 72 49 52 173

Table 3. Males (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 59.4 29 11.6 69
Middle 12 55.4 325 83
Top 10.7 20.5 68.9 122
n 64 91 119 274
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1993

1993

1993

Table 4. Rural (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 74.5 21.7 3.8 106
Middle 24.6 53.6 21.7 69
Top 16 8 76 50
n 104 64 57 225

Table 5. Urban (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 44.4 38.9 16.7 18
Middle 7.5 62.5 30 40
Top 7.4 22.2 70.4 81
n
17 50 72 139

Table 6. Metropolitan (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 53.3 20 26.7 15
Middle 6.5 51.6 41.9 31
Top 135 18.9 67.6 37
n
15 26 42 83




1993

1993

1993

Table 7. Negative Shock = 0 (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 66.7 24.2 9.1 66
Middle 12.7 58.7 28.6 63
Top 9.3 12.4 78.4 97
n 61 65 100 226

Table 8. Negative Shock = 1 (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 69.9 23.3 6.8 73
Middle 18.2 53.2 28.6 77
Top 14.1 23.9 62 71
n
75 75 71 221

Table 9. Positive Shock = 0 (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 68.4 24.1 75 133
Middle 15.6 59 25.4 122
Top 11.7 19.3 69 145
n 127 132 141 400
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1993

1993

1993

Table 10. Positive Shock = 1 (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 66.7 16.7 16.7 6
Middle 16.7 333 50 18
Top 8.7 4.3 87 23
n 9 8 30 47

Table 11. African su b-sample (natural log of earningsadjusted for life cycle effects)

1998

Bottom Middle Top n
Bottom 69.6 22.2 8.1 135
Middle 16.8 54.6 28.6 119
Top 10.1 225 67.4 89
n 123 115 105 343

Table 12.1ndian sub -sample (natural log of earnings adjusted for life cycle effects)

1998
Bottom Middle Top n
Bottom 25 75 0 4
Middle 9.5 61.9 28.6 21
Top 12.7 11.4 75.9 79
n
13 25 66 104




1993

Table 13. Female = 1 (natural log of real earnings by quintiles, unadjusted)

1998

First quintile Second quintile Third quintile Fourth quintile Fifth quintile

First quintile
Second quintile
Third quintile
Fourth quintile
Fifth quintile

n

54.1
30

13.9

5.7
39

37.8
37.5
27.8
14.8
8.6
46

2.7
22.5
36.1

18.5

28

23

5.4

7.5
19.4
48.1
22.9

33

2.5
2.8
18.5
62.9
29

37
40
36
27
35
175



1993

1993

Table 14. Former Natal Province (natural log of real earnings by quintiles, unadjusted)

1998

First quintile Second quintile Third quintile Fourth quintile Fifth quintile

First quintile 54.5 30.3 6.1 9.1 0 33
Second quintile 47.1 44.1 5.9 2.9 0 34
Third quintile 19.2 11.5 42.3 19.2 7.7 26
Fourth quintile 0 3 24.2 42.4 30.3 33
Fifth quintile 6.1 7.6 9.1 13.6 63.6 66

n 43 34 29 32 54 192

Table 15. Full Sample (natural log of real earnings by quintiles, unadjusted)
1998
First quintile Second quintile Third quintile Fourth quintile Fifth quintile n

First quintile 45.1 31 11.3 12.7 71
Second quintile 32.9 32.9 23.7 9.2 1.3 76
Third quintile 11.4 14.8 37.5 29.5 6.8 88
Fourth quintile 1 8.3 21.9 41.7 27.1 96
Fifth quintile 3.4 7.6 7.6 22.9 58.5 118

n 72 77 89 109 102 449
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Table 16. Trace and Determinant Estimates of Earnings Mobility

P Mw(P) Mp(P)
FulT Sample (natural Tog of earnings adjusted Tor TiTe Cycle effects) 0.52 0.57
Females (natural log of earnings adjusted for life cycle effects) 0.44 0.46
Males (natural log of earnings adjusted for life cycle effects) 0.58 0.59
Rural (natural log of earnings adjusted for life cycle effects) 0.48 0.50
Urban (natural log of earnings adjusted for life cycle effects) 0.61 0.61
Metropolitan (natural log of earnings adjusted for life cycle effects) 0.64 0.64
Negative Shock = 0 (natural log of earnings adjusted for life cycle effects) 0.48 0.49
Negative Shock = 1 (natural log of earnings adjusted for life cycle effects) 0.57 0.60
Positive Shock = 0 (natural log of earnings adjusted for life cycle effects) 0.52 0.53
Positive Shock = 1 (natural log of earnings adjusted for life cycle effects) 0.57 0.60
African sub-sample (natural log of earnings adjusted for life cycle effects) 0.54 0.56
Indian sub-sample (natural log of earnings adjusted for life cycle effects) 0.69 0.71
Female = 1 (natural log of real earnings by quintiles, unadjusted) 0.65 0.77
Former Natal Province (natural log of real earnings by quintiles, unadjusted) 0.63 0.71
Full Sample (natural log of real earnings by quintiles, unadjusted) 0.71 0.81

Note:

The transition probabilitiesin tables 1-15 have been adjusted for life cycle effects by

cal culating expected earnings as a function of age and age squared. Theresidualsfrom

these regressions wer e then saved and used as the basis for cal culating the predicted

transition probabilities. All transition matrices with the exception of the last 3 rows

represent transitions between terciles. Thelast 3 rows are based on transitions between
quintiles. Real earningsiscomputed by deflating wages of the year inquestionbythe
average CPI for that year with 1995 asthe base year. Mg (P) = Mp (P)=1limplies

compl ete earnings mobility.
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Table 17.1ncome | mmobility Estimates based on 1% Order Markov Process

Sample Condfant b n
Full 0.82 0.21 1158
African 0.43 0.71 1000
African 1.07 1000
African Rural 0.31 0.76 758
1.03 758
African Urban 054 0.57 146
1.00 146
Indian Rural 3.02 **0.07 16
0.15 16
Indiran Urban 0.56 0.60 89
0.84 89
Indian Metro 0.82 0.57 57
0.85 57
FUlT (Stayed) 0.82 0.20 1098
0.35 1099
Full (moved) 0.62 0.53 60
0.72 61
African Rural (stayed) 0.30 0.77 731
1.03 732
African Urban (stayed) 0.52 0.60 130
1.01 131
Tndian Urban (moved) 0.03 116 11
Indian 155 0.12 159
Indian Metro (moved) **1.03 0.46 5
Indian Metro (stayed) 0.78 0.59 51
Ist & 3rdterciles 101 0.20 764
0.35 765
Ist & 3rdterciles, African 1.28 640
1st & 3rdterciles, African Rural 1.27 486
1st & 3rd terciles, African Urban 1.10 93
1st & 3rdterciles, African Metro 154 63
1st & 3rd terciles, Indian 0.24 126
Indian Rural, 1st & 3rd 0.15 14
Notes:

y ishousehold income and is normalised by the mean of its distribution (assumed non-sodredic). bis
an indicator of immobility; as beta approaches O, there is regression toward the mean. ."dayed" and
"moved" selects for households who changed location in the period 93-98. All estimates are
significant at the 1% level unless otherwise indicated. * = Satistically insignificant, and ** =
significant at 10% level.
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Table 18.1ncome | mmobility Estimates based on 1% Order Markov Process

Sample Constant b n
Full 4717 0.47 1151
1.08 1152
African 4.69 0.38 993
1st & 3rdterciles 3.50 0.57 759
1st & 2ndterciles 5.15 0.25 767
2nd & 3rd terciles 5.85 0.29 776
African, 1st & 3rd terciles 4.09 0.47 647
Rural African, 1st & 3rd terciles 4.44 0.38 531
Urban African, 1st & 3rd terciles 4.29 0.35 431
Metro African, 2nd tercile 6.70 0.10 34
Urban African, 2nd tercile 6.64 0.11 52
Rural African, 2nd tercile 6.87 0.06 272
Indian 331 0.63 158
Notes

y isthe natural logarithm of household income. bisanindicator of immohility; asbeta approaches0,
there is regression toward the mean. ."stayed" and "moved" selects for households who changed
location in the period 93-98. All estimates are significant at least at the 5% level unless otherwise
indicated. * = Satistically insignificant, and ** = significant at 10% level.
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Table 19. Earnings | mmobility Estimates based on 1% Order Markov Process

Sample constant b n

Full 114 460
Full (variables natural log transformed) 1.07 453
African 0.46 0.95 326
Indian 0.80 0.65 133
Rural 0.44 0.75 216
Urban *0.44 1.0¢ 145
Metro 1.08 0.2€ 98
Rural African 0.27 1.0¢8 205
Former Homeland (KwaZulu) 0.53 1.01 233
Urban African 0.88 0.5¢ 72
Male 0.61 0.82 281
Femae 0.53 0.64 178
Full, 1st & 3rd terciles 0.67 0.8¢€ 312
African, 1st & 3rd terciles 0.51 1.12 202
African Rural, 1st & 3rd terciles 0.20 1.37 127
Primary labour market 0.66 0.7t 406
Secondary labour market 0.8€ 57
African Secondary labour market- 1st & 3rd terciles 1.01 22
Indian Primary labour market - 1st & 3rd terciles **0.84 0.72 108
Notes

y isindividual earnings from formal and casual labour and is normalised by the mean of its
distribution (assumed non-stochastic). Betaisan indicator of immobility; as beta approaches0, there
isregression toward the mean. ."stayed" and "moved" selects for households who changed location in
the period 93-98. All estimates are significant at the 1% level unless otherwise indicated. * =
Satistically insignificant, and ** = significant at 10% level.
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Table 20. Transitions from Employment: multinomial logit estimates

TRI Out. Of Lab. Force™  Marginal values | Out. Of Lab. Force™  Marginal values
Constant 1.6685 0.1361 0.9752 0.0836
(1.9) (1.84)
AFRICAN -0.765** -0.0631 -0.7614 -0.0638
(0.38) (0.37)
AGE 93 -0.2935* -0.0230 -0.2794 -0.0223
(0.09) (0.09)
AGE 93¢ 0.005* 0.0004 0.0046 0.0004
(0.001) (0.001)
FEMALE 1.548* 0.1210 1.4833 0.1178
(0.298) (0.293)
RURAL 0.0180 0.0022 0.0797 0.0071
(0.33) (0.33)
OVERWEIGHT 9% -0.3376 -0.0254 0.0613 0.0056
(0.36) (0.28)
MALNOURISHED 98 -0.6678%** -0.0518
(0.39)
STOKVEL 93 -1.276%** -0.0631 -1.2475 -0.0617
(0.72) (0.72)
AIC 93 -0.2309 -0.0016 -0.2572 -0.0036
(0.7) (0.71)

TR1: n =684, log likelihood = -488.0666,

resrt log likelihood

TR1: n =684, log likelihood = -489.8257, df = 2¢

resrt log likelihood

-595.3758, chi sor

chi sgr = 214.6184*, df = 27 211.1003*,

TR1® Self-employed Marginal values | Out. Of Lab. Force Marginal values

Constant -3.8965 01168 10143 0.0929
(3.15) (1.84)

AFRICAN 2.0271%%* 0.0614 -0.777%* -0.0679
(1.08) (0.37)

AGE 93 -0.0468 -0.0007 -0.2813 -0.0218
(0.15) (0.09)

AGE 93 2 0.0005 0.0000 0.005* 0.0004
(0.00) (0.00)

FEMALE -0.6726 -0.0240 1.476% 0.1161
(0.46) (0.29)

RURAL 0.1920 0.0058 0.0799 0.0066
(0.48) (0.33)

OVERWEIGHT 98 0.5545 0.0167 0.0564 0.0040
(0.44) (0.28)

STOKVEL 93 -0.2809 0.0083 -1.247*** -0.0591
(0.79) (0.72)

TR1: n =684, log likelihood =-492.3099, resrt log likelihood = -595.3758, chi sqr = 206.1319%, df =21

18 Note: for tables 20-27, * = significant at 1% level, ** = 5% and *** = 10%. .
19 Two other regressions were run for transition from employment to self-employment and unemployment. These
results are not reported here. However, f or transition from employment to self employment, race (African was

significant at the 5% level. For transition from employment to unemployment, race (African), rural and
OVERWEIGHT wereal significant at 1% leve.

20 Regression run for transition from employment to unemployment (not reported here).

African, rurd and OVERWEIGHT were al significant at 1% level, while female was significant at 5% level.



Table 21. TR1: Transitionsfrom Employment

Marginal Marginal Out. Of Lab. Marginal

TRI Self-employec valies Unemployed val%& Force val%es

Constant -5.556** -0.1154 0.2322 0.0353 1.2312 0.0749
(2.84) (1.06) (1.42)

AFRICAN 1.831*** 0.0343 1.307* 0.1658 -0.774** -0.0580
(1.07) (0.31) (0.34)

AGE 93 0.0026 0.0008 -0.1175** -0.0122 -0.294* -0.0157
(0.14) (0.06) (0.07)

AGE 93 2 0.0000 0.0000 0.0011 0.0001 0.005* 0.0003
(0.00) (0.00) (0.00)

FEMALE -0.4109 -0.0108 0.2812 0.0255 1.251* 0.0691
(0.42) (0.19) (0.26)

RURAL 0.3638 0.0075 -0.1135 -0.0172 0.1958 0.0117
(0.46) (0.21) (0.299)

OVERWEIGHT 98 1.05* 0.0239 -0.909* -0.1194 0.1958 0.0179
(0.43) (0.24) (0.27)

TR1: n =958, log likelihood = -719.3566, resrt

log likelihood =-845.6983, ch

i sgr = 2526834*, df = 18

Constant B.177***
(2.82)

AFRICAN 2.098**
(1.03)

AGE 93 -0.0090
(0.14)

AGE 93 2 0.0001
(0.00)

FEMALE -0.3895
(0.42)

SHOCK- -0.2971
(0.4)

OVERWEIGHT 98 0.998* *
(0.43)

TR1: n =958, log likelihood =-718.0144, resrt log li

-0.1069

0.0399

0.0005

0.0000

-0.0104

-0.0073

0.0227

0.0120 0.0064
(1.06)
1.196* 0.1495
(0.29)
0.114+* -0.0116
(0.06)
0.0011 0.0001
(0.00)
0.2860 0.0258
(0.19)
0.326%** 0.0402
(0.19)
-0.881* -0.1151
(0.24)

1.2180 0.0760
(1.43)
-0.681** -0.0522
(0.29)
-0.206* -0.0159
(0.07)
0.005* 0.0003
(0.00)
1.25¢ 0.0694
(0.26)
0.1742 0.0074
(0.25)
0.1900 0.0175
(0.27)

kelihood = -845.6983, chi sgr = 255.3678, df = 18



Table 22. Transtions from self-employment: multinomial logit estimates

TR2 Employed Marginal Unemployed Margnal Out.Of Lab.  Marginal

values values force values

Congant 0.4418 -0.4082 3.1882 0.1904 5.593*** 0.8802
(3.27) (3.31) (3.24)

AFRICAN -0.1022 -0.1217 1.7174 0.2955 0.3281 -0.0413
(0.68) (1.18) (0.84)

AGE 93 0.0997 0.0635 -0.2485 -0.0107 -0.601* -0.1092
(0.17) (0.16) (0.17)

AGE Q3 2 -0.0024 -0.0010 0.0027 0.0000 0.008* 0.0017
(0.002) (0.002) (0.002)

FEMALE -0.4875 -0.2537 0.0863 -0.1519 2.9292* 0.6061
(0.54) (0.598) (0.82)

SHOCK+ 0.5292 -0.0937 1.3330 0.0851 1.992* * 0.2791
(0.92) (0.92) (0.92)

YRSEDU 93 0.0107 -0.0038 -0.0068 -0.0085 0.1030 0.0204
(0.08) (0.09) (0.098)

LAND 0.2168 -0.0467 1.4608** 0.2435 0.1676 -0.0748

(PRIVATE) 33

(0.82) (0.74) (0.89)

(H)\T/%EWH G -0.2549 -0.0992 0.0066 -0.0505 0.9836 02103
(0.52) (0.62) (0.64)

TR2: n= 1609, log likelihood = -169.3598, restricted log likelihood = -231.5426, chi sqr = 124. 3656*, df = 24

Notes: *= significant at 1% level; **=significant at 5% level; ***=significant at 10% level
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Table 23. Transitions from Unemployment: multinomial logit estimates

TRA3 Alf- Marginal value Employed Marginal valugOut Lab. force Marginal value
ONE -4.1937 -0.3248 -1.5843 -0.1788 -0.3752 0.0706
(-2.65) (1.68) (2.39)
AGE 93 0.1291 0.0072 0.1527 0.0395 -0.21%** -0.0239
(0.19) (0.09) (0.12)
AGE 932 2 -0.1359 -0.0047 -0.25%** -0.0695 0.36* 0.0402
(0.17) (0.13) (0.15)
FEMALE -0.1248 -0.0084 -0.4596 -0.1797 1.89* 0.1709
(0.48) (0.30) (0.65)
INDIAN 1.2830 0.0139 1.7077 0.2410 3.08* 0.1707
(1.45) (1.09) (1.21)
METRO -0.08*** -0.0486 0.85** 0.2068 0.1561 -0.0194
(0.72) (0.43) (0.69)
YRSEDU 93 0.0299 0.0055 -0.0486 -0.0119 -0.0373 -0.0014
(0.08) (0.05) (0.08)
STOKVEL 93 2.28*** 0.0939 2.38** 0.4268 1.3686 -0.0030
(2.27) (2.07) (1.32)
Constant -1.6689 -0.2173 0.6466 0.1356 2.6922 0.2052
(2.96) (1.98) (2.65)
AFRICAN -1.3571 -0.0204 -1.7278 -0.2451 -3.032* -0.1624
(1.44) (2.09) (1.17)
AGE 93 0.0773 0.0039 0.1196 0.0344 -0.226** -0.0233
(0.14) (0.096) (0.13)
AGE 93 2 -0.0009 0.0000 -0.0021 -0.0006 0.0038* 0.0004
(0.00) (0.00) (0.00)
FEMALE -0.2565 -0.0152 -0.5407*** -0.1863 1.7094* 0.1591
(0.49) (0.32) (0.66)
OVERWEIGH 0.7991*** 0.0503 0.3994 0.0285 0.8345** 0.0436
(0.49) (0.33) (0.47)
STOKVEL 93 2.101*** 0.0795 2.3722** 0.4408 1.1404 -0.0197
(1.28) (1.08) (1.32)
AIC93 -0.4536 -0.0068 -0.803*** -0.1806 0.1156 0.0442
(0.82) (0.49) (0.73)

TR3(n =591, log likelihood = -292.6934, restricted log likelihood = -344.9887, chi sq = 104.5907*, df = 21)

Constant
AFRICAN
AGE 93

AGE 93 2
FEMALE
RURAL
QYERWEIGH
STOKVEL 93

AIC93

-1.7192
(2.95)
-1.9184
(1.51)
0.0843
(0.14)
-0.0010
(0.00)
-0.3303
(0.495)
0.7607
(0.56)
0.8522+**
(0.496)
2.2120%**
(1.29)
-0.4259
(0.82)

-0.2129

-0.0732

0.0044

0.0000

-0.0218

0.0729

0.0538

0.0859

-0.0036

0.6305
(1.98)
-1.6715
(1.12)
0.1202
(0.096)
-0.0021
(0.00)
-0.5312+**
(0.31)
-0.0917
(0.31)
0.3932
(0.33)
2.3875**
(1.09)
-0.8086***
(0.49)

0.1329

-0.2011

0.0343

-0.0006

-0.1810

-0.0666

0.0256

0.4412

-0.1839

2.6349
(2.66)
-3.2014*
(1.24)
-0.2214***
(0.13)
0.004**
(0.00)
1.696*
(0.66)
0.2390
(0.54)
0.8417***
(0.48)
1.1949
(1.32)
0.1085
(0.73)

0.2012

-0.1733

-0.0230

0.0004

0.1585

0.0157

0.0442

-0.0166

0.0436

TR3 (n =280, log likelihood = -291.2720, restricted log likelihood = -344.9887, chi sq = 107.4334*, df = 24)
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Table 24. Trangtion from Out of the Labour Force: multinomial logit estimates

TR4 Sel f-employed Mvz;r]%gaj Unemployed M\gﬂ;aj Employed Mva;%gal
ONE -2.2856 -0.0559 -3.659*** -0.2550 -0.9046 -0.0237
(2.67) (1.96) (1.9
AFRICAN 2.1877 0.0545 2.05** 0.1328 261* 0.1053
(1.5 (0.87) (0.73)
KWAZULU -0.2475 -0.0035 -0.3407 -0.0166 -2.03* -0.0884
(1.1 (0.69) (0.63)
AGE 93 0.0003 -0.0003 0.136*** 0.0098 0.0213 0.0004
(0.11) (0.08) (0.08)
AGE 93 2 -0.0009 0.0000 -0.002*** -0.0002 -0.0013 0.0000
(0.00) (0.00) (0.00)
SECONDARY EDU -0.2718 -0.0080 -0.5274 -0.0411 1.02* 0.0475
(0.64) (0.44) (0.38)
LAND (PRIVATE) 93 -0.5099 -0.0162 0.0803 0.0034 0.97* 0.0435
(0.65) (0.35) (0.39)
TRUST GROWTH -0.0826 -0.0006 -0.57** -0.0400 -0.3149 -0.0118
(0.45) (0.29) (0.34)
TR4 (n =591, log likelihood =-399.7690, restricted log likelihood = -502.7837, chi sq = 206.0294*, df = 21)
ONE -2.5569 -0.0639 -4.2%* -0.2958 0.1125 0.0238
(2.52) (1.87) (1.78)
AFRICAN 21874 0.0545 2.05** 0.1327 261* 0.1054
(1.5 (0.87) (0.73)
KWAZULU -0.2476 -0.0035 -0.3408 -0.0166 -2.03* -0.0885
(1.09) (0.69) (0.63)
AGE 93 0.0002 -0.0003 0.14*** 0.0097 0.0214 0.0005
(0.11) (0.08) (0.08)
AGE 93 2 -0.0009 0.0000 -0.002* ** -0.0002 -0.0013 0.0000
(0.00) (0.00) (0.00)
PRIMARY 0.2723 0.0080 0.5278 0.0411 -1.02¢ -0.0476
(0.64) (0.44) (0.38)
LAND (PRIVATE) 93 -0.5099 -0.0162 0.0803 0.0034 0.97* 0.0435
(0.65) (0.35) (0.39)
TRUST GROWTH -0.0826 -0.0006 -0.57** -0.0400 -0.3149 -0.0118
(0.45) (0.29) (0.34)

TR4 (n =591, log likelihood =-399.7708, restricted log likelihood = -502.7837, chi sq = 206.0294*, df = 21)




Table 25. Earnings Trangtions: from bottom and top

: Margnal Marginal
Bottom Middle value Top valle
Constant -2.401 -0.430 -0.712 -0.003
(3.21) (7.3)
AGE 93 0.022 0.004 -0.061 -0.002
(0.17) (0.42)
AGE 932 2 -0.017 -0.003 -0.008 0.000
(0.22) (0.57)
YRSEDU 93 0.26* 0.045 0.28*** 0.005
(0.098) (0.17)5
FEMALE 0.017 0.018 -2.53%** -0.060
(0.53) (1.33)
URBAN 0.265 0.038 1.794 0.041
(0.88) (1.27)
STOKVEL 93 -0.555 -0.118 2.98** 0.074
(1.27) (1.55)
poor : n =101, log likelihood = -66.41875, rest log likelihood = -81.06500, chi sq = 29.29250*, df = 12
Bottom Middle Marginal value Top Marginal value
Constant -9.21*** -1.389 -46.215 -0.005
(4.92) (33.84)
AGE 93 0.47*** 0.071 2.933 0.000
(0.28) (2.18)
AGE 932 2 -0.67*** -0.101 -4.769 -0.001
(0.395) (3.5)
YRSEDU 93 0.19*** 0.029 0.159 0.000
(0.12) (0.26)
FEMALE 0.272 0.041 -0.449 0.000
(0.64) (1.35)
WORKER93 -0.465 -0.070 -1.088 0.000
(0.64) (1.49)
STOKVEL 93 -0.078 -0.012 4.494 0.000
(1.43) (5.55)
poor : n =79, log likelihood = -44.65117 re st log likelihood = -55.97088, chi sq = 22.63942**, df = 12
Top Bottom Marginal Middle Marginal
vaue vaue
Constant 3.104 0.094 7.28** 1.094
(4.78) (3.76)
AGE 93 -0.299 -0.014 -0.31*** -0.045
(0.22) (0.18)
AGE 932 2 0.377 0.018 0.334 0.047
(0.26) (0.21)
YRSEDU 93 -0.028 0.000 -0.17** -0.026
(0.14) (0.08)
FEMALE 1.23*** 0.081 -0.775 -0.135
(0.69) (0.57)
STOKVEL 93 -0.514 -0.024 -0.470 -0.067
(1.12) (0.65)

rich: n =160, log likelihood = -113.1901 rest log likeli hood =-122.3860, chi sq = 18.39195, df = 12
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